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This study examined cyberbullying among 366 lower secondary students in
Northern Thailand, confirming a four-component model (masquerade
(MAS), exclusion (EXC), harassment (HAR), and outing (OUT)) with
excellent empirical fit. Structural equation modeling revealed resilience as
the strongest protective factor against cyberbullying behaviors ($=-0.282),
while authoritarian parenting (AUT) emerged as a significant risk factor
(=0.195). AUT undermined self-esteem ($=-0.162) and social relationships
(p=-0.267). Self-esteem proved to be a powerful resilience builder
(=0.578). Media influence showed a direct negative relationship with
cyberbullying ($=-0.196) while diminishing resilience. Resilience
functioned as a partial mediator between AUT and cyberbullying (variance
accounted for (VAF)=0.201), demonstrating how harsh parenting indirectly

Resilience increases cyberbullying risk by eroding psychological coping mechanisms.

Self-esteem Resilience served as a complete mediator between self-esteem and
cyberbullying (VAF=0.891), revealing that healthy self-perception primarily
protects against cyberbullying by strengthening psychological resilience.
Additionally, resilience operated as a competitive mediator in pathways
involving social networks and media influence.
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1. INTRODUCTION

Cyberbullying differs from traditional bullying through its use of rapidly evolving technology and
accessible online platforms [1]. Unlike face-to-face bullying, it allows offenders to conceal their identity and
harm victims without witnessing physical responses [2]. This anonymity enables targeting across locations
and time zones, making regulation extremely challenging and creating continuous cycles of escalating
violence. Thai youth under 22 spend an average of 8 hours and 24 minutes online daily, increasing their
cyberbullying exposure and victimization risk [3]. This aggressive behavior involves individuals or groups
using electronic devices to transmit harmful messages or images [4], [5]. Research identifies seven
cyberbullying components [6], namely: flaming (hostile messages), harassment (repeated offensive
communication), cyberstalking (threats), denigration (harmful statements), impersonation (pretending to be
others), outing (OUT) (sharing personal information), and exclusion (isolating from online groups). Among
Thai adolescents, cyberbullying manifests through four dimensions: masquerade (MAS) (95% prevalence),
exclusion (EXC), harassment (HAR), and information disclosure [7]. The Thai cultural context presents
unique dimensions to cyberbullying. Traditional values emphasizing respect for authority and conflict
avoidance create distinctive manifestations of online aggression. Thailand’s hierarchical society and
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emphasis on group harmony over individual confrontation produce different cyberbullying expressions
compared to other countries. Most concerning, former victims often become perpetrators seeking revenge,
aligning with previous research [8] identifying revenge as a primary motivation, perpetuating cycles of
digital violence.

Despite continuous cyberbullying research, some causal relationships remain overlooked with
contradictory findings. This research addresses three critical gaps: limited investigation of resilience as
a mediating variable between environmental factors and cyberbullying behaviors in non-Western contexts;
insufficient examination of complex interplay between Thai cultural values, parenting styles, and digital
behaviors; and methodological limitations in previous studies employing traditional statistical approaches
ill-suited to the emergent, multidimensional nature of cyberbullying constructs. Cyberbullying stems from
complex interactions between psychological, familial, and social factors. Resilience serves as a key
protective factor, defined by Grotberg [9] as the capacity to recover from difficulties and adapt positively to
challenges. Werner [10] identified four critical resilience characteristics: problem-focused coping, positive
temperament, effective challenge management, and self-control perception, which strengthen resistance to
harmful digital behaviors. Self-esteem development significantly influences how adolescents interact online.
Coopersmith [11] describes healthy self-esteem as demonstrating assertiveness, confidence, and positive
social engagement. However, the relationship with cyberbullying is complex, while low self-esteem increases
vulnerability to becoming perpetrators and victims, artificially inflated self-esteem may drive aggressive
online behaviors as compensation [12].

Parenting approaches crucially shape resilience and self-esteem development. Authoritarian
parenting (AUT), characterized by strict control with limited emotional responsiveness [13], often fails to
nurture self-regulation skills necessary for appropriate online conduct. Schaefer [14] identified three critical
dimensions, acceptance-rejection, firm-lax control, and psychological autonomy-control, that determine
whether family environments foster or inhibit cyberbullying tendencies. These family influences operate
within broader media contexts that shape adolescent behavior. Potter [15] described six interconnected media
effects: cognitive, beliefs, attitudes, affective, physiological, and behavioral, which collectively normalize or
challenge aggressive digital behaviors. This media influence interacts with family dynamics, potentially
reinforcing or countering authoritarian messages. These factors manifest within adolescents' social
relationships. Hinduja and Patchin [16] indicated that strong positive attachments create social bonds that
inhibit cyberbullying by increasing perceived social costs of antisocial behaviors. Kowalski et al. [17]
identified key protective relationship qualities including emotional support, trust, and intimacy, which
collectively protect adolescents from engaging in cyberbullying behaviors.

An analysis of 24 studies reveals that internal psychological resources, particularly self-esteem
(25% of studies) and resilience (21% of studies), function as foundational elements within this ecosystem.
These factors interact with AUT approaches (29% of studies) and media influences (33% of studies).
The anticipated results of this research suggest a sophisticated pattern where these factors interact
dynamically. Self-esteem and resilience are expected to demonstrate significant negative relationships with
cyberbullying behaviors [18]-[21] with resilience functioning as a crucial mediating variable that not only
directly reduces cyberbullying tendencies but also buffers negative impacts of AUT and harmful media
messages. The interactive nature of these relationships means that efforts to address one factor in isolation
will likely prove insufficient; effective intervention requires addressing multiple elements of this ecosystem
simultaneously. Social relationships further moderate these dynamics, with positive connections providing
models for positive conflict resolution that counter aggressive approaches potentially learned through AUT
or media exposure. To comprehensively address these questions, the study employs statistical methods
including confirmatory composite analysis (CCA) to examine the measurement structure of cyberbullying,
an emergent variable whose properties cannot be explained by examining individual variables in isolation
[22]. Partial least squares structural equation modeling (PLS-SEM) offers superior predictive capabilities for
complex behavioral phenomena and greater flexibility in handling both reflective and formative measurement
models simultaneously.

This research focuses specifically on factors influencing cyberbullying among lower secondary
school students who are experiencing significant physical, intellectual, emotional, and social changes making
them particularly vulnerable to adjustment crises. The study addresses two specific research questions:

i)  What are the direct effects of media influence, authoritarian parenting, peer relationships, and self-
esteem on cyberbullying behaviors among Thai secondary school students?

ii) To what extent does resilience mediate the relationship between these predictive factors and
cyberbullying behaviors?

The results will contribute to developing more effective, culturally appropriate interventions that address the

complex interplay of factors shaping cyberbullying behaviors in the Thai context and potentially other

collectivist societies facing similar challenges in the digital age.
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2. RESEARCH METHOD
2.1. Sample and data collection

This study examined the measurement structure of various variables to determine the appropriate
sample size for analysis. In CCA and PLS-SEM, sample size calculation was based on parameter estimation
properties, using an effect size (f*) of 0.25, statistical power of 80%, 9 latent variables, 27 observed variables,
99% confidence level, and an acceptable margin of error of +1%. The minimum required sample size was
281 participants, calculated using statistical tools from http://www.danielsoper.com/statcalc [23], [24].

The sample was obtained through proportional allocation sampling to ensure the sample distribution
was representative of the population, comprehensively covering population characteristics and obtaining truly
representative samples to prevent problems of insufficient or incomplete data. The final sample size was 366
participants, which was 30% more than the minimum requirement, drawn from 14 schools out of
a population of 44 schools and 40 classrooms out of a population of 514 classrooms. Among these
participants, female students outnumbered male students at 57.66% (n=211) while male students comprised
42.34% (n=155). By grade level, grade 9 students had the highest proportion at 36.61% (n=134), followed by
grade 8 at 32.24% (n=118), and grade 7 at 31.15% (n=114).

The researchers established strict guidelines to protect the confidentiality and rights of participants
throughout the data collection process. All participants received documentation explaining their rights,
including the right to withdraw from the research at any time if they felt uncomfortable answering any
questions. The researchers ensured that all data collected through questionnaires would be kept confidential.
Upon receiving the completed questionnaires, the researchers excluded questionnaires with incomplete
responses or repetitive answers throughout the entire questionnaire, resulting in 366 usable questionnaire
sets. This systematic data collection method, combined with the ethical protection measures employed,
ensured that the research was conducted with integrity and respect for participants' rights.

2.2. Instrumentation

This study employed a questionnaire on cyberbullying among lower secondary school students
under the Lampang-Lamphun Secondary Educational Service Area Office. The instrument was developed
through a review of literature, theoretical concepts, and previous research related to the study variables.
The questionnaire consisted of 72 items organized into 3 sections.

The first section collected respondents’ general information including gender, age, school, and daily
social media usage through multiple-choice and fill-in formats. The second section assessed cyberbullying
behaviors using 31 items measuring 12 indicators across four components. The third section examined
factors influencing cyberbullying with 41 items covering 15 indicators within five latent variables. Both the
second and third sections employed a 5-point rating scale ranging from “strongly agree/feel/behave” (5) to
“hardly agree/feel/behave” (1). The instrument development begins with a comprehensive literature review to
establish operational definitions. The researchers then constructed questionnaire items aligned with the
measurement framework, with cyberbullying items distributed across four components: MAS (e.g., I have
fabricated or embellished information about others on social media); EXC (e.g., I have deleted or blocked
people I dislike from groups on social media); HAR (e.g., I often send repeated messages to annoy others
through social media); and OUT (e.g., I think it’s fun to share photos of others without permission on social
media). Similarly, items related to influential factors measured five variables: resilience (e.g., I can control
my emotions, distress, and various pressures), self-esteem (e.g., I believe my actions often produce the results
I expect), media influence (e.g., I use novel, sometimes uncreative language from media in my daily life),
AUT (e.g., My parents or guardians don’t allow me opportunities to express my feelings), and
relationships/networks (e.g., I have close friends with whom I can talk and share life stories). After initial
development, the draft questionnaire was submitted to thesis advisors for feedback and subsequently revised.
The improved version was then presented to four experts in educational research methodology and
psychology to assess content validity. The experts evaluated the consistency between items and operational
definitions using the index of item-objective congruence (IOC). Content validity analysis revealed that IOC
values for cyberbullying items ranged from 0.50 to 1.00, while factors influencing cyberbullying ranged from
0.75 to 1.00, indicating acceptable to excellent content validity. Items with lower IOC values (0.50) were
retained after considering their discrimination power in subsequent analyses.

The questionnaire underwent pilot testing with 110 non-sample lower secondary students from the
same educational service area. Discrimination analysis using item-total correlation showed positive
coefficients ranging from 0.230 to 0.816 for cyberbullying items. Independent sample #-tests comparing high
and low scoring groups (33rd percentile) identified 17 of 31 cyberbullying items and 28 of 41 factor items
with statistical significance. Reliability analysis using Cronbach’s alpha coefficient revealed excellent
internal consistency across both measurement sections. The cyberbullying section (CB) demonstrated an
overall reliability of 0.918, with component reliabilities for MAS (spreading rumors, deception,
impersonation) ranging from 0.762 to 0.801, EXC (blocking from groups, collective attacks, information
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concealment) from 0.815 to 0.883, HAR (sending offensive messages, provocative messages, sexual
harassment) from 0.740 to 0.776, and OUT (revealing messages, data theft, sharing photos/videos) from
0.768 to 0.822. The factors section showed an overall reliability of 0.883, with individual factor reliabilities
for resilience (RES: withstand pressure, hope and encouragement, and overcoming obstacles) ranging from
0.712 to 0.825, self-esteem (SEL: self-integrity, self-confidence, self-worth, and self-competence) from 0.830
to 0.882, AUT (parental communication, punishment, expectations) from 0.670 to 0.748,
relationships/networks (relationships with peers, teachers, community) from 0.782 to 0.846, and media
influence (EFF: media access, imitation behavior) from 0.654 to 0.710. The final selection of items was
based on 3 criteria: positive discrimination coefficients, statistically significant differences between high and
low groups at the 0.05 level, and component/factor reliability of 0.70 or higher. This rigorous development
and validation process ensured that the instrument possessed strong psychometric properties suitable for
measuring cyberbullying behaviors and their influential factors among lower secondary school students.

2.3. Analyzing of data

This study employed PLS-SEM to analyze causal relationships between multidimensional variables.
Parameter estimation utilized the PLS algorithm, while statistical significance was determined through
Bootstrap analysis with 5,000 iterations. The analysis addressed the high-order formative-formative model
structure using ADANCO 2.3.2 software and the disjoint two-stage approach, which helped reduce
complexity, prevent multicollinearity, minimize measurement errors, and enhance validity and reliability.
The analytical process followed a systematic two-stage approach: first obtaining factor scores for lower-level
variables, then using these scores as indicators for higher-level latent variables in the second stage. For
overall model assessment, the study evaluated model fit using multiple criteria based on Schuberth et al. [25]:
standardized root mean square residual (SRMR), geodesic discrepancy (dc), and unweighted least squares
discrepancy (durs) values below HI99. If all 3 exceeded HI99, SRMR needed to be below 0.080 [26]. The
measurement model (formative outer model) was assessed through CCA using Hair et al. [27] criteria:
variance inflation factor (VIF) below 5.0 to check for multicollinearity, statistically significant indicator
weights (-weight>1.96), and for non-significant indicators, loading values exceeding 0.5. The structural
model evaluation examined path coefficients for statistical significance [28], coefficient of determination
R? values (0.25, 0.50, 0.75 indicating small, medium, large effects), effect sizes f (0.02, 0.15, 0.35
representing small, medium, large effects), and predictive relevance Q? (>0, with 0.02, 0.15, 0.35 indicating
small, medium, large predictive power).

The analysis employed a comprehensive mediation framework, examining both full and partial
mediation effects to understand complex relationships between variables. Full mediation occurs when the
independent variable’s effect on the dependent variable operates entirely through the mediator, while partial
mediation indicates that both direct and indirect pathways are significant. In addition to examining the
direction and significance of effects, the study incorporated the variance accounted for (VAF) metric to
quantify mediation strength. The VAF represents the proportion of the total effect (TE) explained by the
indirect effect through the mediator. Generally, a VAF exceeding 0.8 indicates full mediation, a VAF
between 0.2 and 0.8 suggests partial mediation, and a VAF below 0.2 implies minimal mediation despite
statistical significance. In competitive mediation cases, it is important to note that VAF values may exceed 1
or become negative. Negative VAF occurs when direct and indirect effects have opposite signs, while VAF
values exceeding 1 may arise when the magnitude of the indirect effect is larger than the TE. Both instances
don’t indicate analytical errors but rather signal competitive mediation, where both indirect and direct effects
are significant but operate in opposing directions (axbxc<0).

The study particularly focused on these competitive mediation scenarios, where ‘a’ represents the
independent variable’s effect on the mediator, ‘b’ denotes the mediator's effect on the dependent variable,
and ‘c’ indicates the direct effect of the independent variable on the dependent variable. When these
pathways counteract each other, they often produce non-significant TE as opposing influences cancel out.
Rather than dismissing these relationships, the research validates the hypothesized mediator while suggesting
additional mediators working in the opposite direction. Following Zhao ef al. [29], the study prioritizes the
significance of indirect effects through bootstrap testing, transforming potentially overlooked relationships
into valuable theoretical insights that guide the identification of additional mediating mechanisms.

3.  RESULTS AND DISCUSSION

The CCA revealed strong structural validity for the cyberbullying measurement model among
middle school students. The first-order model demonstrated excellent fit with empirical data (SRMR=0.0384,
durs=0.1152, dc=0.0476), well below the 0.08 threshold. Indicator weights ranged from 0.2421 to 0.6233,
with all indicators showing statistical significance at p<.01. ~weight values for all indicators exceeded the
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critical threshold of 1.96, ranging from 2.6543 (HAR2) to 9.1655 (EXC2), confirming their statistical
significance. The highest weights were observed for EXC2 (0.6233, =9.1655), MAS1 (0.4661, =5.2556),
and HARI (0.4622, =6.6162). Multicollinearity assessment yielded VIF values between 1.1228 and 1.6446,
all below the critical threshold of 3, confirming the absence of multicollinearity issues. Similarly,
the second-order formative-formative model displayed strong consistency with empirical data, with indicator
weights of 0.3131 across all four components (MAS, EXC, HAR, and OUT) and remarkably high #-weight
values (56.3677), demonstrating their robust statistical significance, as shown in Table 1. Loading values
ranged from 0.7889 to 0.8061, further validating the hierarchical measurement structure of cyberbullying.

Table 1. CCA results for first-order and second-order measurement models of cyberbullying
First-order Second-order

Weight  t-weight Loading VIF Weight  #-weight  Loading VIF

MAS MASI1 0.4661 5.2556 0.8276 1.4451 03131 56.3677  0.7889 1.6559
MAS2 0.3823 4.0322 0.8240 1.6078
MAS3 0.3881 4.2280 0.7712 1.3911

EXC EXC1 0.3673 5.7818 0.6146 1.1228 03131 56.3677  0.7966 1.7117
EXC2 0.6233 9.1655 0.8649 1.3269
EXC3 0.3179 4.1008 0.7398 1.3953

HAR HARI1 0.4622 6.6162 0.8082 1.4067 03131 56.3677  0.8061 1.7582
HAR2 0.2421 2.6543 0.7618 1.6446
HAR3 0.5191 6.2670 0.8515 1.5026

OuT OUTI 0.3008 4.0281 0.7187 1.3911 03131  56.3677  0.8022 1.7175
OUT2 0.3962 5.2327 0.7824 1.4283
OUT3 0.5569 7.1864 0.8508 1.3132

Construct  Indicator

The PLS-SEM analysis examining factors influencing cyberbullying behavior showed satisfactory
model fit (SRMR=0.0469, durs=0.4187, dg=0.1153). According to Hu and Bentler criteria [26], the SRMR
value below 0.08 confirms adequate model fit. The second-order structural model revealed varying statistical
significance among predictor variables. Within the CB construct, EXC showed the highest weight (0.5019,
=1.8778), followed by HAR (0.5261, =1.9711), MAS (0.1716, =0.6092), and OUT (0.0727, =0.3657).
Although these -weight values fell below the critical threshold of 1.96 (indicating non-significant weights at
p<.05), Hair et al. [27] methodological guidelines recommend a two-stage assessment process for formative
indicators. When weight significance fails to meet criteria, researchers should examine the indicators’
absolute contribution through their loadings. In this study, the substantial loading values for these factors
(EXC=0.8451, HAR=0.7921, MAS=0.6950, and OUT=0.5486) all exceeded the 0.5 threshold criterion,
providing sufficient evidence to retain these indicators in the model despite their non-significant weights.
This approach acknowledges that indicators can still make meaningful contributions to their constructs even
when their relative importance (weights) appears statistically non-significant. The strongest predictor
variables demonstrated robust statistical significance, particularly media exposure (MEDA: weigh=0.8465,
=10.9092), hope (HOPE: weight=0.5101, =6.8612), experiential factors (EXPE: weigh=0.7873, =3.8905),
and family communication (COMU: weight=0.5860, =5.7138), all well above the critical #-value of 1.96
(p<0.05). Multicollinearity assessment yielded VIF values ranging from 1.0007 to 2.6505, all below the
critical threshold of 3 recommended by Hair ef al. [27] confirming the absence of multicollinearity issues
among predictor variables, as shown in Table 2.

The analysis of standardized regression coefficients () in the structural equation model revealed
variables that differed significantly from zero and exerted both positive and negative influences on CB.
At the 0.01 significance level, RES and AUT demonstrated significant effects with varying magnitudes
(5=-0.2821 and 0.1948, respectively). EFF also showed a significant negative effect on cyberbullying at the
0.05 significance level (5=-0.1959). However, SEL and REL did not significantly differ from zero

=-0.0427, p-value=0.6501 and £=0.0647, p-value=0.3747, respectively), indicating these two factors had
no direct influence on cyberbullying among lower secondary school students.

When examining the TE of factors influencing CB, RES, and AUT had significant effects in
negative and positive directions respectively at the 0.01 significance level, while SEL showed a significant
negative effect at the 0.05 level. EFF did not have a significant TE on cyberbullying, though it did have a
significant direct negative effect (DE=-0.1959, p<0.05). These variables collectively explained 13.0% of the
variance in cyberbullying (R*adj=0.130). The REL variable had no significant effect on cyberbullying.
Among the significant factors, RES exhibited the strongest TE (TE=-0.2821), followed by AUT (TE=0.2286)
and SEL (TE=-0.2059). It is worth noting that self-esteem’s effect on cyberbullying was primarily indirect
(IE=-0.1632, p<0.01) rather than direct.
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Regarding factors influencing RES, SEL showed a significant positive direct effect at the 0.01
significance level. While the direct effect of AUT on resilience was not significant, its TE showed a
significant negative influence at the 0.05 level, primarily through indirect pathways. EFF demonstrated a
significant negative direct effect at the 0.05 level. These 3 factors jointly explained 45.20% of the variance in
resilience (R%¢=0.452). Additionally, AUT exhibited significant negative direct effects at the 0.01
significance level on both SEL and REL, explaining 2.60% (R?,¢=0.026) and 7.20% (R?adj=0.072) of their
variance, respectively, as shown in Table 3 and Figure 1. The analysis examined direct, indirect, and TE in
the structural equation model, testing RES as a mediating variable between various factors and CB among
lower secondary school students. Statistical significance was determined using the Bootstrap method through
the ADANCO program. Mediating variables were evaluated using Baron and Kenny approach [30],
complemented by VAF assessment to determine the level and type of mediation effect.

Table 2. CCA results for first-order and second-order measurement models
First-order Second-order

Weight #-weight Loading VIF Weight t-weight Loading VIF

MAS MASI1 0.4551 2.3081 0.6430 1.0793  0.1716 0.6092 0.6950 2.1000
MAS2 0.1346 0.4785 0.5881 1.3317
MAS3 0.7154 3.1749 0.8780 1.3119

EXC EXC1 0.6882 1.8412 0.9310 1.6573  0.5019 1.8778 0.8451 2.0868
EXC2 0.2332 1.1408 0.5456 1.2065
EXC3 0.2910 0.7194 0.8166 1.8389

HAR HARI 0.5880 2.2072 0.7409 1.0519  0.5261 1.9711 0.7921 1.3158
HAR2 0.4349 1.6607 0.5814 1.0327
HAR3 0.4861 1.3916 0.6407 1.0411

ouT OUT1 0.4441 1.1469 0.6528 1.0759  0.0727 0.3657 0.5486 1.3992
OuT2 0.5810 1.6775 0.7603 1.0771
OouUT3 0.4327 1.0925 0.6202 1.0576

RES WITH 0.1755 1.7656 0.6728 14799  0.2421 3.1471 0.7086 1.4799
HOPE 0.4893 6.0445 0.8688 1.5878  0.5101 6.8612 0.8762 1.5878
OVER 0.5097 5.1064 0.8962 1.8333  0.4371 5.0058 0.8727 1.8333

SEL INTE 0.2380 2.1010 0.7793 1.8525 0.1745 1.9866 0.7529 1.8525
CONF 0.2427 1.6057 0.8594 2.6505  0.2947 2.6615 0.8759 2.6505
WORT 0.2642 1.9407 0.8134 2.0731  0.2950 2.8482 0.8320 2.0731
COMP 0.4468 3.9534 0.8752 1.7956  0.4217 43119 0.8657 1.7956

AUT COMM 0.5688 2.9893 0.5488 1.0215  0.5651 3.5546 0.5252 1.0215
PUNT 0.2671 0.7562 0.6702 1.4461 0.1096 04171 0.5815 1.4461
EXPE 0.6602 1.9686 0.7707 1.4430 0.7873 3.8905 0.8122 1.4430

REL PEER 0.1068 0.7480 0.5393 1.3398  0.1422 1.1300 0.5705 1.3398
TEAR 0.5677 4.4680 0.7871 1.3543  0.5764 5.2318 0.8040 1.3543
COMU 0.6197 5.1665 0.7997 1.1005  0.5860 5.7138 0.7772 1.1005

EFF MEDA 0.8485 9.7511 0.8622 1.0007  0.8465 10.9092 0.8602 1.0007
IMBE 0.5068 3.7675 0.5296 1.1740  0.5101 41718 0.5329 1.1740

Construct  Indicator

Table 3. Path analysis results of direct, indirect and TE in the structural model

Path DE 1IE TE Cohen’s f

The explained variance of the CB variable (R%,=0.130)

RES—CB -0.2821** - -0.2821%** 0.0500
SEL—CB -0.0427 -0.1632%* -0.2059* 0.0009
EFF—CB -0.1959* 0.0312 -0.1647 0.0377
AUT—CB 0.1948** 0.0338 0.2286** 0.0403
REL—CB 0.0647 -0.0169 0.0478 0.0029
The explained variance of the RES variable (R?,;=0.452)

SEL—RES 0.5785%* - 0.5785%* 0.3766
EFF—RES -0.1106* - -0.1106* 0.0195
AUT—RES -0.0466 -0.1099** -0.1565* 0.0037
REL—RES 0.0598 0.0598 0.0040
The explained variance of the SEL variable (R%,5=0.026)

AUT—SEL -0.1623** - -0.1623** 0.0270
The explained variance of the REL variable (R?,;=0.072)

AUT—REL -0.2674** - -0.2674** 0.0770

Note: **p-value <0.01, *p-value <0.05, DE: direct effect, IE: indirect effect, TE: total effect

When examining resilience as a mediator between AUT and cyberbullying, the results showed that
with resilience in the model, the direct effect significantly decreased at the 0.01 significance level (C=0.2052,
C'=0.1883). The indirect effect was 0.0473, statistically significant at the 0.01 level. The VAF value fell
between 0.20-0.80 (VAF=0.201), indicating that resilience served as a partial mediator in this relationship.
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Resilience functioned as a full mediator between SEL and cyberbullying, with the direct effect becoming
non-significant when resilience was included (C=-0.1152, p<0.05; C'=-0.0229, p>0.05). The indirect effect
was significant (IE=-0.1882, p<0.01) with a VAF of 0.891, demonstrating that self-esteem influences
cyberbullying primarily through resilience.

| WITH “ HOPE |[ OVER |

INTE | 0.175
) 024 05100437
CONF  |-0.295 Ri=0.026
s
0.295 ﬂ 0.578 R2=0.452
042 w
coMP ‘ L0.282%%
0060 | o 111

0.195%*
o AT
0.787 0.065
EXPE R*=0.130
-0.196*

-0.267**

0.586
COMU R?=0.072 0.846 0.510

| MEDA || IMBE | Second-order CCA

Figure 1. Path model of AUT, REL, SEL, EFF and RES on CB with second-order CCA results

For REL and cyberbullying, resilience functioned as a competitive mediator (VAF=5.304). The direct
effect changed from non-significant positive (C=0.0227) to a stronger positive relationship (C'=0.0904), while
the indirect effect was significantly negative (IE=-0.1114, p<0.01), suggesting opposing mechanisms.
Similarly, resilience acted as a competitive mediator between EFF and cyberbullying (VAF=-0.721).
The direct effect became more negative with resilience in the model (C=-0.1870, p<0.05; C'=-0.1964, p<0.05),
while the indirect effect was significantly positive (IE=0.0823, p<0.01), indicating counteracting pathways.

The analysis also examined sequential mediation pathways. The results showed no significant
mediation for AUT—self-esteem—resilience—cyberbullying (VAF=0.122, 1E=0.0292, and p>0.05) or
AUT—relationships—resilience—cyberbullying (VAF=0.026, 1E=0.0057, and p>0.05). These findings
confirm that resilience plays diverse mediating roles in the relationships between various factors and
cyberbullying behaviors among lower secondary school students, functioning as a partial, full, or competitive
mediator depending on the specific pathway examined, as shown in Table 4.

This study illuminates the complex dynamics of cyberbullying among lower secondary students in
Northern Thailand, revealing resilience as the decisive protective factor while AUT emerges as a significant
risk factor. Our findings uncover crucial psychological pathways that shape cyberbullying vulnerability
through varied mediation patterns, offering important theoretical and practical insights for addressing this
growing concern in Thai adolescent digital behavior. The analysis revealed three distinct mediation patterns
through which resilience influences cyberbullying behavior, creating a comprehensive picture of how
psychological and social factors interact in the digital landscape of Thai adolescents.

Resilience functions as a partial mediator between AUT and cyberbullying behaviors. This pattern
indicates that AUT influences cyberbullying through two distinct pathways: directly increasing cyberbullying
tendencies and indirectly undermining psychological resilience that would otherwise protect against such
behaviors. The persistence of a significant direct effect suggests that strict control with limited emotional
responsiveness directly promotes cyberbullying behaviors through modeling aggressive problem-solving
approaches, limiting empathy development, and reducing self-regulation skills. This finding aligns with
Zurcher et al. [31] research demonstrating how AUT creates family dynamics that fail to nurture crucial
self-regulation skills necessary for appropriate online conduct. Similarly, Moreno—Ruiz et al. [32] found that
adolescents from authoritarian homes often demonstrate higher aggression tendencies that manifest in digital
environments. Simultaneously, the significant indirect path demonstrates how AUT erodes psychological
coping mechanisms that buffer against engaging in harmful online behaviors. As noted by Baumrind [13],
when parents emphasize obedience without explanation and employ punishment without warmth, adolescents
develop limited capacity for constructive problem-solving and emotional regulation, key components of
resilience as defined by Werner [10]. This dual influence creates a cascading effect where AUT undermines
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both self-esteem and social relationships, two essential protective resources for adolescents navigating digital
environments. In the Thai cultural context, where traditional hierarchical values emphasize obedience and
discipline, these negative effects may be particularly pronounced as adolescents lack alternative models for
constructive conflict resolution and emotional regulation [1].

Table 4. Results of the mediating role of resilience in the relationship between AUT and cyberbullying

Path Effect )i t-value VAF (IE/TE) Conclusion
AUT—CB TE 0.2356  3.5623** 0.201 Partial mediation
AUT—CB DE(C) 0.2052  3.8295%*

AUT—CB DE(C’) 0.1883  2.7781%**

AUT—RES—CB IE 0.0473  2.4527**
SEL—CB TE -0.2111  -2.9238** 0.891 Full mediation
SEL—CB DE(C) -0.1152  -1.8279*
SEL—CB DE(C’) -0.0229 -0.2654

SEL—-RES—CB IE -0.1882  -3.4054**
REL—CB TE -0.0210  -0.3633* 5.304 Competitive mediation
REL—CB DE(C)  0.0227 0.3478
REL—CB DE(C’)  0.0904 1.4188

REL—-RES—CB 1IE -0.1114  -3.1192%*
EFF—CB TE -0.1141 -1.3968 -0.721 Competitive mediation
EFF—CB DE(C) -0.1870  -1.9689*
EFF—CB DE(C’) -0.1964  -2.3084*

EFF—RES—CB IE 0.0823  3.3245%*
AUT—CB TE 0.2383  3.6274** 0.122 No mediation
AUT—CB DE(C) 0.2052  3.8295**
AUT—CB DE(C’) 02091  0.29730**

AUT—SEL—RES—CB IE 0.0292 1.6032

AUT—CB TE 02216  3.1994** 0.026 No mediation
AUT—CB DE(C) 0.2052  3.8295**
AUT—CB DE(C’) 02159  3.1178**

AUT—REL—RES—CB 1IE 0.0057 0.3542
Note: **p-value<0.01, *p-value<0.05

In contrast to the partial mediation observed with AUT, resilience completely mediates the
relationship between self-esteem and cyberbullying. This complete mediation reveals that healthy
self-perception protects against cyberbullying entirely by strengthening psychological resilience rather than
through direct mechanisms. The strong positive relationship between self-esteem and resilience demonstrates
how positive self-evaluation serves as a powerful resilience builder, providing adolescents with the
psychological fortitude needed to navigate online challenges constructively. This finding extends previous
research [20], [21], by identifying the specific pathway through which self-esteem manifests its protective
benefits. When Thai adolescents possess healthy self-perception, they develop greater capacity for
constructive problem-solving, emotional regulation, and adaptive coping, core components of resilience that
shield against engaging in digital aggression [18]. As Coopersmith [11] observed, individuals with healthy
self-esteem demonstrate assertiveness, confidence, and positive social engagement. The findings clarify that
these qualities primarily protect against cyberbullying by strengthening psychological resilience rather than
through direct effects, highlighting the crucial intervening role of psychological fortitude in translating
positive self-perception into appropriate online behavior.

The analysis uncovered intriguing competitive mediation patterns for both media influence and
social relationships with cyberbullying, where direct and indirect effects operate in opposite directions,
creating counteracting forces within the same pathways. This phenomenon aligns with Zhao et al. [29]
conceptualization that competitive mediation occurs when opposing mechanisms operate simultaneously
within the same model. Media influence demonstrates a direct negative relationship with cyberbullying while
simultaneously diminishing resilience capacity. This paradoxical pattern suggests that media exposure
provides direct protection against cyberbullying, perhaps through awareness of consequences or digital
citizenship education, while simultaneously undermining the psychological resources that would otherwise
protect against harmful online behaviors. This dual nature echoes Potter [15] description of six interconnected
media effects (cognitive, beliefs, attitudes, affective, physiological, and behavioral) that collectively may
produce contradictory outcomes. Similarly, social relationships exhibit competing influences: strengthening
resilience (which protects against cyberbullying) while potentially normalizing certain cyberbullying
behaviors within peer groups. Research has consistently demonstrated how positive connections to peers
create protective bonds [33], but our findings suggest these same relationships may contain risk elements that
operate through separate pathways. This competitive dynamic helps explain why peer relationships show
complex and sometimes contradictory associations with cyberbullying in previous research [34].

Int J Eval & Res Educ, Vol. 14, No. 6, December 2025: 4487-4497



Int J Eval & Res Educ ISSN: 2252-8822 O 4495

These findings illuminate why cyberbullying represents such a challenging phenomenon,
the same factors can simultaneously protect and promote cyberbullying through different mechanisms.
As Zhao et al. [29] suggest, such competitive mediation often signals omitted mediators in the direct path,
perhaps media literacy or critical thinking skills that develop through media engagement but operate
independently of general resilience. Cyberbullying emerges from an intricate ecosystem of psychological,
familial, and social influences rather than isolated risk factors. This aligns with Zych et al. [35] recognition
that cyberbullying research has evolved from descriptive studies to sophisticated analyses of multifaceted
causal relationships. AUT creates vulnerability both directly and by undermining self-esteem and social
relationships, two essential protective resources. Self-esteem builds resilience, which provides crucial
protection against digital aggression. Media influence and social relationships operate through competing
pathways, simultaneously offering protection and risk. This interconnected system explains why single-factor
interventions often produce limited results. The identification of resilience as the central protective
mechanism offers a promising intervention focal point, as enhancing psychological fortitude may buffer
against multiple risk factors simultaneously [19].

4. CONCLUSION

This study presents several groundbreaking contributions to cyberbullying research that distinguish
it from existing literature. First, we developed the first culturally-validated, four-component cyberbullying
model specifically for Thai adolescents, revealing “MAS” behaviors (95% prevalence) as a unique cultural
manifestation reflecting Thailand’s emphasis on indirect communication and conflict avoidance,
a pattern never systematically documented in cyberbullying research. Second, our structural equation
modeling unveils the pivotal discovery that resilience functions as a central protective mechanism through 3
distinct mediation patterns: partial mediation with AUT, complete mediation with self-esteem, and
competitive mediation with media influence and social relationships, fundamentally reframing cyberbullying
as emerging from an intricate ecosystem of interconnected psychological, familial, and social influences
rather than isolated risk factors.

Methodologically, this research advances the field by employing sophisticated CCA and PLS-SEM
with a disjoint two-stage approach, specifically designed for formative-formative measurement models that
traditional statistical approaches cannot adequately address. Our systematic examination of competitive
mediation, where opposing mechanisms operate simultaneously within the same pathways, challenges
conventional single-direction causality assumptions and explains why the same factors can simultaneously
protect against and promote cyberbullying through different mechanisms. Theoretically, the identification of
resilience as a “shield” that operates differently across various risk pathways provides unprecedented insights
into why single-factor interventions often produce limited results.

Culturally, this study bridges traditional Thai hierarchical values with digital behavior
manifestations, revealing how cultural emphasis on group harmony and authority respect creates distinctive
expressions of online aggression. The discovery of an “ecosystem model” where AUT creates dual
vulnerabilities, directly increasing cyberbullying tendencies while undermining protective psychological
resources, offers revolutionary understanding for collectivist societies facing similar digital-age challenges.
Practically, these findings demand immediate transformation from conventional intervention approaches
toward comprehensive, multi-system frameworks that address the interconnected nature of cyberbullying risk
factors, potentially revolutionizing prevention strategies not only in Thailand but across similar cultural
contexts globally. Innovation significance: This research transforms cyberbullying from a behavioral
problem to a complex cultural-psychological phenomenon, establishing new theoretical foundations for
understanding digital aggression in non-Western contexts and creating empirically-validated pathways for
culturally-responsive interventions that address root ecosystem dynamics rather than surface symptoms.
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