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 Despite the potential benefits of artificial intelligence (AI) brings to 

education, its extensive use does not automatically guarantee effective 

integration or consistent improvements in learning. Hence, this research 

aims to identify the determinants of AI acceptance among undergraduates 

and examine the relationship between these determinants and AI acceptance. 

Five determinants of AI acceptance were identified based on the technology 

acceptance model (TAM) and empirical evidence: perceived effectiveness of 

AI, user satisfaction, user attitude toward AI technology, attitude toward 

using AI, and user self-efficacy. This quantitative study focused on 791 

undergraduates from a management school in Malaysia. A questionnaire was 

distributed to 310 undergraduates using a stratified sampling method, and 

259 responses were collected. Descriptive analysis results indicated that 

undergraduates perceive attitudes toward AI technology and using AI as 

very important determinants of AI acceptance. Pearson correlation analysis 

also revealed that four determinants (perceived effectiveness of AI, 

satisfaction in using AI, attitude towards AI technology, attitude towards 

using AI) significantly correlated with AI acceptance. This finding suggests 

that, within the context of AI acceptance among management school 

undergraduates, attitude-related determinants are the primary drivers. The 

findings from this research could be used by the management school as a 

reference to enhance undergraduates’ AI acceptance levels and identify areas 

for inclusive education system improvement. 
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1. INTRODUCTION 

Artificial intelligence (AI) refers to the application of machines or computers designed to replicate 

and demonstrate cognitive abilities and behavior characteristic of humans [1]. AI can be described as a 

computer program that imitates human functions to enhance efficiency and cost-effectiveness across various 

industries [2]. It encompasses a wide range of advanced technologies that enable computers to perform tasks 

such as text and speech comprehension, information analysis, suggestion generation, and more. 

AI technology is often characterized as an advanced system that allows computers to manage tasks 

traditionally performed by humans, thereby reducing human workload and increasing efficiency [3]. The 

advent of the Fourth Industrial Revolution has led to a surge in the use of AI technologies. A study in 12 

developed countries predicted a substantial economic impact driven by AI, potentially doubling the annual 

https://creativecommons.org/licenses/by-sa/4.0/
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growth rate by 2035. As a result, the evolving job market now requires undergraduates to be proficient in AI 

technologies, which can enhance productivity, reduce workloads, and contribute to organizational growth. To 

remain competitive and meet the evolving needs of stakeholders, Malaysian higher education institutions are 

compelled to integrate AI technology into their teaching and learning processes [4]. The implementation of 

AI in education opens up numerous possibilities and opportunities, allowing higher education services to 

expand at an unprecedented rate [5]. AI technology serves three primary purposes in education: facilitating 

the educational process, conducting educational analysis, and assessing educational levels [6]. 

AI has demonstrated its capacity to fulfil diverse roles in teaching and learning by assisting students 

in acquiring knowledge and improving their academic outcomes [7]. AI-powered tools such as chatbots, 

virtual tutors, and adaptive learning platforms are increasingly common in Malaysian classrooms. These 

innovative technologies are designed to provide personalized and impactful learning experiences for students, 

acting as virtual assistants tailored to meet each student's unique needs [6]. 

However, despite the potential benefits that AI brings to education, its extensive use does not 

automatically guarantee effective integration or consistent improvements in learning outcomes [8]. The 

acceptance of technology by users is critical for its successful adoption [9]. Evaluating the effectiveness of 

AI in education necessitates an understanding of students' acceptance of the technology and the determinants 

influencing undergraduates’ acceptance of AI applications in education. Thus, this research aims to identify 

the key determinants for the acceptance of AI among undergraduates and to examine the relationship 

between these determinants and undergraduates’ acceptance of AI. The research seeks to address the 

following two research objectives (RO): i) to identify the important determinants for the acceptance of AI 

among undergraduates (RO1); and ii) to assess the relationship between the determinants and the acceptance 

of AI among undergraduates (RO2). 

 

 

2. LITERATURE REVIEW 

2.1.  Acceptance of AI 

AI signifies the capability of a computer system to imitate human intelligence for the purpose to 

solve complex problems [10]. AI is commonly defined as an artificial entity or system that can meet or 

exceed task requirements while accounting for cultural and demographic factors [11]. Defining AI remains 

challenging due to the variety of definitions proposed by experts, each shaped by their distinct perspectives 

and experiences [12]. 

Integrating AI into education has the potential to enhance individualized learning, facilitate more 

efficient learning experiences, empower students to uncover their talents, stimulate creativity, and reduce the 

workload of educators [13]. The acceptance of AI by undergraduates refers to their willingness to adopt and 

participate in AI-empowered teaching and learning systems, such as virtual classrooms, interactive learning, 

AI-powered chatbots, smart campuses, adaptive learning, and teaching evaluation systems. Empirical reviews 

suggest that the technology acceptance model (TAM) is the most commonly adapted theory in studies of AI 

acceptance. 

 

2.2.  Technology acceptance model 

The TAM suggests that external factors, such as media and societal influences, can shape 

individuals' perceptions of the usefulness and ease of use of technology. These perceptions, in turn, affect 

their intentions to use the technology, which subsequently influences their actual usage behavior, as seen in 

Figure 1. TAM has been adapted in numerous research studies to fit the specific technological context being 

examined [14]. The assessment of consumer acceptance of AI technology is commonly based on TAM [15]. 

Since the late 1990s, numerous social media platforms have emerged, prompting the adaptation of 

the TAM in many studies to explore technology acceptance within specific contexts. Since then, TAM has 

become a dominant model in research focused on the acceptance and use of information systems [16]. The 

TAM was selected as the underpinning theory for this research due to its robust theoretical foundation and 

extensive empirical support.  

The TAM is also valued for its flexibility in incorporating additional variables, making it suitable 

for studying the acceptance of new technologies across various contexts. For instance, Kelly et al. [3] 

examined the determinant of user self-efficacy, while Kashive et al. [17] focused on user satisfaction. 

Moreover, previous studies have detailed the impact of perceived ease of use by exploring attitudes toward 

new technology [18] and attitudes toward using technology [19].  

Based on TAM and findings from prior studies, this research considers the determinants of AI 

acceptance from two holistic perspectives. The first perspective is the perceived usefulness of AI, which 

encompasses the perceived effectiveness of AI [15] and user satisfaction with using AI [17]. The second 

perspective is the perceived ease of using AI, including user attitude toward AI technology, attitude toward 
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using AI, and user self-efficacy in using AI [18], [19]. Therefore, the research framework for this study 

consists of five determinants of AI acceptance as independent variables and the acceptance of AI as the 

dependent variable, as illustrated in Figure 2.  
 

 

 
 

Figure 1. TAM 
 

 

 
 

Figure 2. Research framework for Acceptance of AI 
 

 

2.3.  Perceived effectiveness of AI 

Perceived effectiveness is defined as the extent to which the use of a technology is anticipated to 

provide benefits to users when they perform specific tasks [16]. The potential for AI in the education sector is 

substantial. AI applications, utilizing advanced algorithms and machine learning, can offer personalized 

learning experiences, tailored content, and real-time feedback [20]. In this research, the perceived 

effectiveness of AI is referred as the extent to which undergraduates believe that AI is an effective tool for 

acquiring new knowledge and providing valuable learning opportunities. For example, when individuals view 

AI applications as effective, they are likely to believe that this technology facilitates more efficient and 

enhanced learning experiences. 

AI assists individuals in learning more effectively and achieving their educational goals.  

Bansah and Agyei [10] argued that perceived effectiveness is a crucial determinant in a user's acceptance of a 

particular technology. Therefore, based on these insights, the following hypothesis is proposed: there is a 

positive and significant relationship between the perceived effectiveness of AI and the acceptance of AI 

among undergraduates (H1). 

 

2.4.  Satisfaction in using AI 

Satisfaction can be defined as the disparity between what users expect to gain from a particular 

experience and the actual gains they perceive [21]. Satisfaction with AI refers to an emotional and cognitive 

state characterized by feelings of pleasure, contentment, and fulfilment when using AI technology. In the 

context of education, AI's capacity to provide personalized learning experiences, deliver adaptive feedback, 

and facilitate interactive learning environments contributes to the satisfaction of both learners and educators 

[13]. The integration of AI into educational practices is anticipated to bring about substantial transformations 

within educational systems [22]. A higher level of satisfaction with a system correlates with an increased 

willingness to use it [23]. Consequently, based on these insights, the following hypothesis is formulated: 

there is a positive and significant relationship between satisfaction in using AI and the acceptance of AI 

among undergraduates (H2). 
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2.5.  Attitude toward AI technology 

Attitude toward new technology refers to individuals' overall beliefs, perceptions, and feelings 

towards emerging technologies, including their willingness to adopt and utilize them. Previous studies have 

suggested that a positive attitude toward new technology is associated with a greater readiness to embrace 

technological products [23]. For instance, individuals with a favorable attitude toward new technology are 

likely to recognize its potential to solve problems and improve experiences. Yeşilyurt et al. [24] also 

proposed that when someone holds a positive overall view of technology, they are more inclined to adopt and 

utilize it. Based on these insights, the following hypothesis is suggested: there is a positive and significant 

relationship between attitude toward AI technology and acceptance of AI among undergraduates (H3). 
 

2.6.  Attitudes towards using AI 

Attitude towards use refers to individuals' overall perception and emotional response to using a 

specific technology or system. Sánchez-Prieto et al. [25] emphasize that it encompasses one's feelings, 

viewpoints, and positive or negative evaluations regarding the use of technology. Believing in a technology's 

ability to enhance performance and reduce effort fosters a favorable attitude toward its use [26]. For example, 

users may find enjoyment, interest, and pleasure in using AI applications due to their perceived usefulness. 

This enjoyment and interest can motivate people to integrate AI into their daily lives, seeking opportunities 

for positive experiences. Consequently, the hypothesis is suggested: there is a positive and significant 

relationship between attitudes towards using AI and acceptance of AI among undergraduates (H4). 
 

2.7.  Self-efficacy of AI user 

Self-efficacy in the context of AI refers to an individual's belief in their ability to comprehend even 

the most challenging material presented through AI, grasp fundamental concepts related to AI, and 

successfully use AI technologies [24]. Individuals with high self-efficacy in AI learning believe they can 

make informed decisions and achieve desired outcomes when using AI. According to Lai et al. [27],  

self-efficacy influences individuals' attitudes towards using technology. Those with strong self-efficacy in AI 

learning are more likely to believe in their capacity to succeed and to make the most of AI applications. 

Therefore, the following hypothesis is proposed: there is a positive and significant relationship between self-

efficacy and acceptance of AI among undergraduates (H5). 
 

 

3. RESEARCH METHOD 

3.1.  Population and sampling 

The application of AI in educational teaching and learning is diverse, with varying scopes and areas 

of application across different universities. Additionally, the framework and approach to AI integration differ 

between engineering and non-engineering faculties. As a result, generalizing AI research populations across 

various universities and faculties is not feasible. This research specifically targeted undergraduates from a 

management faculty within a Malaysian public university as the research population. The total population 

consists of 791 undergraduates enrolled in three different programs. Based on Krejcie and Morgan's sampling 

table, a sample size of 260 is required. A sampling plan was developed using the stratified sampling method, 

and samples were randomly selected according to the sampling plan. 
 

3.2.  Research instrument 

The research is based on a quantitative approach. The questionnaire used in this study is adapted 

from previous works [12], [18], [19], [24]. It consists of three parts; part A focuses on collecting 

demographic information, such as gender, age, year of study, and enrolled course. Parts B and C address the 

independent and dependent variables, respectively. Respondents express their level of agreement or rating 

using a 5-point Likert scale, ranging from “strongly disagree” (rating 1) to “strongly agree” (rating 5). 
 

3.3.  Analysis tools 

The validity and reliability of the data were assessed using a normality test and Cronbach’s alpha 

test. Data from part B of the questionnaire were analyzed using descriptive analysis to address RO1. The 

correlation between the AI determinants (from part B) and AI acceptance (from part C) was evaluated using 

the Pearson correlation test. 
 

 

4. RESULTS AND DISCUSSION 

The questionnaire was distributed to 310 management undergraduates and 259 responded, resulting 

in a response rate of 83.54%. Data screening and missing value analysis indicated that all 259 questionnaires 

were valid for further analysis. 
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4.1.  Normality and reliability test 

The normality of the numerical data from parts B and C of the questionnaire was tested using 

skewness and kurtosis values in SPSS. The skewness values for all variables ranged from -1.367 to -1.653, 

and the kurtosis values ranged from 1.571 to 2.274, both within the acceptable threshold range of +/-3. This 

suggests that the data collected is normally distributed. The reliability of the numerical data was assessed 

using the Cronbach's alpha coefficient. The Cronbach’s alpha coefficients for the independent and dependent 

variables ranged from 0.877 to 0.974, exceeding the threshold value of 0.7. Therefore, the data collected is 

suitable for further descriptive and inferential analysis. 
 

4.2.  Descriptive analysis for RO1 

A descriptive analysis is employed to address RO1. In this study, RO1 aims to identify the important 

determinants for AI acceptance among undergraduates. The descriptive analysis was performed on the 

numerical data collected from Part B of the questionnaire. The mean scores for each of the AI determinants 

were calculated and summarized in Table 1. 

The importance level of each determinant was evaluated using the importance level scale [28]. 

According to this scale, a mean score of 2.5 to below 3.5 indicates that respondents regard the determinant as 

“important”. A mean score of 3.5 to below 4.5 is considered “fairly important”, and a mean score of 4.5 to 5.0 

indicates “very important”. As shown in Table 1, undergraduates perceive attitudes toward AI technology and 

attitudes toward using AI as very important determinants for AI acceptance. This finding aligns with previous 

research [19], [25]. Sánchez-Prieto et al. [25] concluded that the attitude toward using AI has been theoretically 

and empirically established as a key driver in promoting the acceptance of new technology. Furthermore, the 

likelihood of individuals forming favorable opinions about a specific type of technology increases in direct 

proportion to the degree to which they perceive the technology as beneficial and easy to learn [19]. 

Satisfaction with using AI is regarded as a fairly important determinant for AI acceptance, while 

perceived effectiveness of AI and self-efficacy among undergraduates are viewed as important determinants. 

These findings are consistent with previous research, which has demonstrated that AI provides personalized 

learning experiences that offer satisfaction to learners [29]. Additionally, Bansah and Agyei [10] noted that 

AI helps individuals learn more effectively and achieve their learning objectives. Lai et al. [27] further 

suggested that individuals with high self-efficacy in AI are confident in their cognitive abilities and skills to 

comprehend complex AI-related information and processes. 
 

 

Table 1. Descriptive analysis result 
Determinants Mean Level 

Perceived effectiveness of AI 3.4819 Important 

Satisfaction in using AI 4.1977 Fairly important 
Attitude towards AI technology 4.5144 Very important 

Attitude towards using AI 4.5221 Very important 

Self-efficacy 3.1578 Important 

 
 

4.3.  Pearson correlation analysis for RO2 

Research objective 2 aims to assess the relationship between AI determinants and the acceptance of 

AI among undergraduates. To address RO2 and test hypotheses H1 to H5, the bivariate correlations between 

the data from Parts B and C of the questionnaire were analyzed using the Pearson correlation test at a 95% 

confidence level. The results of the bivariate correlation analysis are presented in Table 2. 

Referring to Table 2, the p-values for hypotheses H1 to H4 are all less than 0.05, suggesting that the 

relationships between these AI determinants and AI acceptance are statistically significant. However, the 

relationship between self-efficacy and AI acceptance (H5) is not significant. Attitude toward AI technology 

(H3) and attitudes toward using AI (H4) showed very strong positive relationships with AI acceptance, with 

correlation coefficients of 0.837 and 0.804, respectively. This finding aligns with previous research. Study by 

Sánchez-Prieto et al. [25] suggested that the acceptance of new technology depends on an individual's 

attitude toward it, which includes openness, willingness to embrace innovation, and belief that technology 

provides solutions to problems, enables limitless possibilities, and enhances overall achievements. 

Additionally, a positive attitude toward new technology fosters greater adoption [12]. 

Satisfaction in using AI (H2) and perceived effectiveness of AI (H1) were also significantly 

correlated with AI acceptance. This finding echo research by Seo et al. [21], which suggested that AI usage 

in education enhances learning experiences, leading to greater satisfaction among learners. Similarly, 

research by Bansah and Agyei [10] found that AI helps individuals learn effectively and achieve their 

learning objectives. In contrast, undergraduates’ self-efficacy (H1) is found insignificant and weakly 

correlated with AI acceptance, the finding is not in line with previous study. Prior study generally suggested 

that users self-efficacy was significantly correlated with acceptance of new technology [30].  
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Undergraduates’ self-efficacy in AI refers to their belief in the ability to understand AI concepts and 

applications. Previous studies have suggested that self-efficacy influences individuals’ acceptance of 

technology [31]. However, findings from this research suggest that while undergraduates may perceive  

self-efficacy as an important determinant for AI acceptance, it does not significantly influence their 

acceptance of AI. This could be because the population under study consists of knowledge-based individuals 

who have already been exposed to AI concepts and applications. As a result, self-efficacy may naturally 

develop within these individuals, and thus, it does not affect their acceptance of AI. 
 

 

Table 2. Pearson correlation analysis result 
Hypothesis Coefficient of correlation p-value Result 

H1 (Perceived effectiveness of AI) 0.485 (Medium) 0.032 Significant 

H2 (Satisfaction in using AI) 0.759 (Strong) <0.001 Significant 
H3 (Attitude towards AI technology) 0.837 (Very strong) <0.001 Significant 

H4 (Attitude towards using AI) 0.804 (Very strong) <0.001 Significant 

H5 (Self-efficacy) 0.302 (Weak) 0.078 Not significant 

 

 

5. CONCLUSION 

Perceived usefulness and perceived ease of use, as outlined in the TAM are prominent determinants 

widely adopted in research related to the acceptance of new technology. In this research, perceived 

usefulness of AI is examined in terms of perceived effectiveness and user satisfaction, while this study 

expands TAM by viewing ease of use from the perspectives of attitude toward AI technology, attitude toward 

using AI, and user self-efficacy in using AI. Findings from both RO1 and RO2 suggest that attitude towards 

AI technology and attitude towards using AI technology are very important determinants for AI acceptance. 

Both determinants are significantly correlated with AI acceptance. This finding implies that, within the 

context of AI acceptance among management school undergraduates, attitude-related determinants are the 

main drivers for AI acceptance. 

An individual’s attitude reflects their belief. According to the theory of planned behavior, attitude is 

considered a behavioral belief and is one of the most important factors influencing behavioral intention. 

Theoretically, fostering undergraduates’ belief in AI technology could enhance their positive feelings and 

willingness to embrace and utilize AI technologies (i.e., attitude towards AI technology) and improve their 

perception and emotions regarding the utilization of AI technology. 

The research provides significant practical implications. The findings could be used by the 

management school as a reference to enhance undergraduates’ level of AI acceptance and to identify areas 

for improvement. By focusing on strengthening positive attitudes toward AI, educational institutions can 

increase the likelihood of undergraduates adopting AI technologies, thereby aligning with modern 

educational trends and improving learning outcomes. 

 

 

FUNDING INFORMATION 

This work was supported/funded by the Ministry of Higher Education under Fundamental Research 

Grant Scheme (FRGS/1/2022/SS10/UTM/02/10). 

 

 

AUTHOR CONTRIBUTIONS STATEMENT 

This journal uses the Contributor Roles Taxonomy (CRediT) to recognize individual author 

contributions, reduce authorship disputes, and facilitate collaboration. 
 

Name of Author C M So Va Fo I R D O E Vi Su P Fu 

Tan Owee Kowang ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓ ✓  ✓ ✓ ✓ 

Lim Kim Yew  ✓  ✓ ✓    ✓      

Goh Chin Fei ✓     ✓  ✓  ✓     

Ong Choon Hee     ✓ ✓     ✓ ✓    
 

C :  Conceptualization 

M :  Methodology 

So :  Software 

Va :  Validation 

Fo :  Formal analysis 

I :  Investigation 

R :  Resources 

D : Data Curation 

O : Writing - Original Draft 

E : Writing - Review & Editing 

Vi :  Visualization 

Su :  Supervision 

P :  Project administration 

Fu :  Funding acquisition 

 



Int J Eval & Res Educ  ISSN: 2252-8822  

 

Determinants of artificial intelligence acceptance among undergraduates (Tan Owee Kowang) 

2779 

CONFLICT OF INTEREST STATEMENT 

Authors state no conflict of interest. 

 

 

DATA AVAILABILITY 

The data that support the findings of this study are available from the corresponding author [TOK], 

upon reasonable request. 

 

 

REFERENCES  
[1] S. A. Wartman and C. D. Combs, “Reimagining Medical Education in the Age of AI,” AMA Journal of Ethics, vol. 21, no. 2,  

pp. 146–152, Feb. 2019, doi: 10.1001/amajethics.2019.146. 
[2] F. Kamalov, D. S. Calonge, and I. Gurrib, “New Era of Artificial Intelligence in Education: Towards a Sustainable Multifaceted 

Revolution,” Sustainability, vol. 15, no. 16, p. 12451, Aug. 2023, doi: 10.3390/su151612451. 

[3] S. Kelly, S.-A. Kaye, and O. Oviedo-Trespalacios, “What factors contribute to the acceptance of artificial intelligence? A 

systematic review,” Telematics and Informatics, vol. 77, p. 101925, Feb. 2023, doi: 10.1016/j.tele.2022.101925. 

[4] M. F. Ahmad and W. R. G. W. A. Ghapar, “The Era of Artificial Intelligence in Malaysian Higher Education: Impact and 

Challenges in Tangible Mixed-Reality Learning System toward Self Exploration Education (SEE),” Procedia Computer Science, 
2019, vol. 163, pp. 2–10, doi: 10.1016/j.procs.2019.12.079. 

[5] R. Winkler and M. Soellner, “Unleashing the Potential of Chatbots in Education: A State-Of-The-Art Analysis,” Academy of 

Management Proceedings, vol. 2018, no. 1, p. 15903, Aug. 2018, doi: 10.5465/AMBPP.2018.15903abstract. 
[6] X. Zhai et al., “A Review of Artificial Intelligence (AI) in Education from 2010 to 2020,” Complexity, vol. 2021, no. 1, pp. 1–18, 

Jan. 2021, doi: 10.1155/2021/8812542. 

[7] A. M. Mahmoud, “Artificial intelligence applications An Introduction to Education Development in the light of Corona Virus 
Pandemic (COVID-19) Challenges,” International Journal of Research in Educational Sciences, vol. 3, no. 4, pp. 171–224, 2020, 

doi: 10.29009/ijres.3.4.4. 

[8] W. Wu, B. Zhang, S. Li, and H. Liu, “Exploring Factors of the Willingness to Accept AI-Assisted Learning Environments: An 
Empirical Investigation Based on the UTAUT Model and Perceived Risk Theory,” Frontiers in Psychology, vol. 13, p. 870777, 

Jun. 2022, doi: 10.3389/fpsyg.2022.870777. 

[9] A. Tahar, H. A. Riyadh, H. Sofyani, and W. E. Purnomo, “Perceived Ease of Use, Perceived Usefulness, Perceived Security and 
Intention to Use E-Filing: The Role of Technology Readiness,” The Journal of Asian Finance, Economics and Business, vol. 7, 

no. 9, pp. 537–547, Sep. 2020, doi: 10.13106/jafeb.2020.vol7.no9.537. 

[10] A. K. Bansah and D. D. Agyei, “Perceived convenience, usefulness, effectiveness and user acceptance of information technology: 
evaluating students’ experiences of a Learning Management System,” Technology, Pedagogy and Education, vol. 31, no. 4,  

pp. 431–449, Aug. 2022, doi: 10.1080/1475939X.2022.2027267. 

[11] S. Bringsjord, “Psychometric artificial intelligence,” Journal of Experimental & Theoretical Artificial Intelligence, vol. 23, no. 3, 
pp. 271–277, Sep. 2011, doi: 10.1080/0952813X.2010.502314. 

[12] K. Tran and T. Nguyen, “Preliminary Research on the Social Attitudes toward AI’s Involvement in Christian Education in Vietnam: 

Promoting AI Technology for Religious Education,” Religions, vol. 12, no. 3, p. 208, Mar. 2021, doi: 10.3390/rel12030208. 
[13] H. I. Haseski, “What Do Turkish Pre-Service Teachers Think About Artificial Intelligence?” International Journal of Computer 

Science Education in Schools, vol. 3, no. 2, pp. 3–23, Sep. 2019, doi: 10.21585/ijcses.v3i2.55. 

[14] R. Rauniar, G. Rawski, J. Yang, and B. Johnson, “Technology acceptance model (TAM) and social media usage: an empirical 
study on Facebook,” Journal of Enterprise Information Management, vol. 27, no. 1, p. 6, 2014, doi: 10.1108/JEIM-04-2012-0011. 

[15] C.-Y. Lin and N. Xu, “Extended TAM model to explore the factors that affect intention to use AI robotic architects for 

architectural design,” Technology Analysis & Strategic Management, vol. 34, no. 3, pp. 349–362, Mar. 2022,  
doi: 10.1080/09537325.2021.1900808. 

[16] V. Venkatesh, J. Y. Thong, and X. Xu, “Consumer Acceptance and Use of Information Technology: Extending the Unified 
Theory of Acceptance and Use of Technology,” MIS Quarterly, vol. 36, no. 1, pp. 157–178, 2012, doi: 10.2307/41410412. 

[17] N. Kashive, L. Powale, and K. Kashive, “Understanding user perception toward artificial intelligence (AI) enabled e-learning,” 

The International Journal of Information and Learning Technology, vol. 38, no. 1, pp. 1–19, Dec. 2020, doi: 10.1108/IJILT-05-
2020-0090. 

[18] J. Kim, K. Merrill, K. Xu, and D. D. Sellnow, “My Teacher is a Machine: Understanding Students’ Perceptions of AI Teaching 

Assistants in Online Education,” International Journal of Human–Computer Interaction, vol. 36, no. 20, pp. 1902–1911, Dec. 
2020, doi: 10.1080/10447318.2020.1801227. 

[19] Y. Wang, C. Liu, and Y. F. Tu, “Factors Affecting the Adoption of AI Based Applications in Higher Education: An Analysis of 

Teachers Perspectives Using Structural Equation Modeling,” Educational Technology and Society, vol. 24, no. 3, pp. 116–129, 
2021. 

[20] A. Al Darayseh, “Acceptance of artificial intelligence in teaching science: Science teachers’ perspective,” Computers and 

Education: Artificial Intelligence, vol. 4, p. 100132, 2023, doi: 10.1016/j.caeai.2023.100132. 
[21] K. Seo, J. Tang, I. Roll, S. Fels, and D. Yoon, “The impact of artificial intelligence on learner–instructor interaction in online 

learning,” International Journal of Educational Technology in Higher Education, vol. 18, no. 1, pp. 1–23, Dec. 2021,  

doi: 10.1186/s41239-021-00292-9. 
[22] A. Gocen and F. Aydemir, “Artificial Intelligence in Education and Schools,” Research on Education and Media, vol. 12, no. 1, 

pp. 13–21, Jun. 2020, doi: 10.2478/rem-2020-0003. 

[23] A. Schepman and P. Rodway, “Initial validation of the general attitudes towards Artificial Intelligence Scale,” Computers in 
Human Behavior Reports, vol. 1, p. 100014, Jan. 2020, doi: 10.1016/j.chbr.2020.100014. 

[24] E. Yeşilyurt, A. H. Ulaş, and D. Akan, “Teacher self-efficacy, academic self-efficacy, and computer self-efficacy as predictors of 

attitude toward applying computer-supported education,” Computers in Human Behavior, vol. 64, pp. 591–601, Nov. 2016,  
doi: 10.1016/j.chb.2016.07.038. 

[25] J. C. Sánchez-Prieto, J. Cruz-Benito, R. Therón, and F. García-Peñalvo, “Assessed by Machines: Development of a TAM-Based 

Tool to Measure AI-based Assessment Acceptance Among Students,” International Journal of Interactive Multimedia and 
Artificial Intelligence, vol. 6, no. 4, p. 80, 2020, doi: 10.9781/ijimai.2020.11.009. 



                ISSN: 2252-8822 

Int J Eval & Res Educ, Vol. 14, No. 4, August 2025: 2773-2780 

2780 

[26] D. Sugandini et al., “The role of uncertainty, perceived ease of use, and perceived usefulness towards the technology adoption,” 

International Journal of Civil Engineering and Technology, vol. 9, no. 4, pp. 660–669, 2018. 
[27] H.-M. Lai, Y.-L. Hsiao, and P.-J. Hsieh, “The role of motivation, ability, and opportunity in university teachers’ continuance use 

intention for flipped teaching,” Computers & Education, vol. 124, pp. 37–50, Sep. 2018, doi: 10.1016/j.compedu.2018.05.013. 

[28] P. Kaur, J. Stoltzfus, and V. Yellapu, “Descriptive statistics,” International Journal of Academic Medicine, vol. 4, no. 1,  
pp. 60–63, 2018, doi: 10.4103/IJAM.IJAM_7_18. 

[29] A. Ellikkal and S. Rajamohan, “AI-enabled personalized learning: empowering management students for improving engagement 

and academic performance,” Vilakshan - XIMB Journal of Management, vol. 22, no. 1, pp. 28–44, Apr. 2025, doi: 10.1108/XJM-
02-2024-0023. 

[30] X. Pan, “Technology Acceptance, Technological Self-Efficacy, and Attitude Toward Technology-Based Self-Directed Learning: 

Learning Motivation as a Mediator,” Frontiers in Psychology, vol. 11, p. 564294, Oct. 2020, doi: 10.3389/fpsyg.2020.564294. 
[31] J. Hanham, C. B. Lee, and T. Teo, “The influence of technology acceptance, academic self-efficacy, and gender on academic 

achievement through online tutoring,” Computers & Education, vol. 172, p. 104252, Oct. 2021,  

doi: 10.1016/j.compedu.2021.104252. 

 

 

BIOGRAPHIES OF AUTHORS  

 

 

Tan Owee Kowang     is an associate professor at the Faculty of Management, 

Universiti Teknologi Malaysia (UTM). He has received his first degree in Mechanical 

Engineering. Master in Management (Technology) and Ph.D. in Management from Universiti 

Teknologi Malaysia. He has gained 21 years of industrial experience in the areas of product 

and tooling design, operation, quality, engineering, and projects management. He can be 

contacted at email: oktan@utm.my. 

  

 

Lim Kim Yew     is an associate professor at the Faculty of Business and 

Communications INTI International University, Malaysia. He has received his Doctor of 

Philosophy in Management and Master of Technology Management from Universiti Teknologi 

Malaysia. He has more than 20 years of corporate managerial experience in several public 

listed companies in Malaysia. His areas of research interest are marketing management, 

organizational behavior, technology management, and innovation management. He can be 

contacted at email: kimyew.lim@newinti.edu.my. 

  

 

Goh Chin Fei     is a senior lecturer at the Faculty of Management, Universiti 

Teknologi Malaysia (UTM). He has received his Doctor of Philosophy in Management from 

Universiti Teknologi Malaysia, Malaysia. His obtained his M.Sc. from Göteborgs Universitet, 

Sweden; and his M.Sc. in Business Administration from Blekinge Tekniska Högskola, 

Sweden. He was a visiting scholar at National Yang Ming University during 2019. His area of 

interest includes higher education, e-learning, and decision making. He can be contacted at 

email: gcfei@utm.my. 

  

 

Ong Choon Hee     is an associate professor at Azman Hashim International 

Business School, Universiti Teknologi Malaysia, Johor Bahru, Johor, Malaysia. He has 

received his Doctor of Business Administration from Universiti Utara Malaysia. He obtained 

his Master of Technology Management, Bachelor of Chemical Engineering (Hons.) and 

Diploma in Electrical Engineering from Universiti Teknologi Malaysia. His areas of research 

interest are organizational behavior and development, talent management, and technology 

management. He can be contacted at email: o.choonhee@utm.my. 

 

mailto:oktan@utm.my
mailto:kimyew.lim@newinti.edu.my
mailto:gcfei@utm.my
mailto:o.choonhee@utm.my
https://orcid.org/0000-0002-4222-7006
https://scholar.google.com/citations?user=Jz_01bEAAAAJ&hl=en
https://www.scopus.com/authid/detail.uri?authorId=55801387600
https://www.webofscience.com/wos/author/record/V-8743-2018
https://orcid.org/0000-0001-9958-1236
https://scholar.google.com/citations?hl=en&user=Sd_ZDCsAAAAJ
https://www.scopus.com/authid/detail.uri?authorId=57214124321
https://www.webofscience.com/wos/author/record/LDE-8280-2024
https://orcid.org/0000-0003-3193-7122
https://scholar.google.com/citations?hl=zh-TW&user=ExzfgcsAAAAJ
https://www.scopus.com/authid/detail.uri?authorId=55974623100
https://www.webofscience.com/wos/author/record/J-1193-2016
https://orcid.org/0000-0002-4685-3872
https://scholar.google.com/citations?hl=en&user=U0Y529oAAAAJ
https://www.scopus.com/authid/detail.uri?authorId=57192663744

