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This groundbreaking study unveils critical factors driving research
utilization (RU) among Thai educators, offering vital insights for educational
policymakers and administrators. Employing an advanced partial least
squares structural equation modeling (PLS-SEM) approach, we examined
data from 688 teachers under the office of the basic education commission.
Our findings reveal a complex interplay of factors influencing RU, with
organizational support (SUPP) emerging as the most potent driver
(beta=0.570), followed by knowledge and research skills (KNOWS)
(beta=0.539), organizational leadership (LEAD) (beta=0.472), and attributes
of research (ATTR) (beta=0.391). Interestingly, ATTR showed the highest
direct effect (DE) (beta=0.391), while LEAD had the strongest indirect
impact (beta=0.429). Surprisingly, organizational climate (ORGA) showed
no significant effect, challenging conventional wisdom. The study explains

Research utilization
Teachers’ research quality

52.5% of the variance in RU, providing a robust foundation for evidence-
based educational reforms. Delve into our analysis to discover how these
relationships between knowledge, leadership, and organizational dynamics
shape educational RU in Thailand, and explore our recommendations for
enhancing research integration in educational practices.
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1. INTRODUCTION

Research utilization (RU) is the systematic and reliable application of knowledge, methods, or
findings from systematic inquiry, to improve and enhance existing practices, both directly and indirectly,
across various disciplines [1]. It plays a pivotal role in driving a knowledge-based society and cultivating a
culture of reasoning among individuals. Amidst a changing world that demands human resources with
analytical thinking skills and high-level competencies, RU becomes crucial [2]. As a dynamic world
characterized by rapid advancements, individuals and societies must continuously adapt to stay abreast of
evolving trends and challenges [3]. Reasoned utilization that provides moderate and trustworthy information
becomes crucial. It helps ensure that processes confronting change can manage risks and instill confidence
that increased development efforts will lead to maximum efficiency [4]. Conversely, inadequate effective
methodologies can lead to developmental risks and unfortunate missed competitive opportunities. Therefore,
decision-making supported by credible and relevant research findings ultimately leads to the selection of the
most accurate, appropriate, and valuable new directions [5].

The practical application of research has consistently garnered attention. It began with the
recognition of the importance of utilizing research knowledge to address societal needs [6]. Research has
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been acknowledged as a valuable source of knowledge capable of solving real-world problems, particularly
in fields like medicine and nursing, where the primary objective is to enhance operational efficiency [7], [8].
However, during the early stages, personnel lacked accurate and sufficient research knowledge, prompting
efforts to develop greater research competencies and skills. This initiative led to the emergence of the
evidence-based practice concept, which emphasizes professional decision-making grounded in empirical
evidence [9]. It marked the beginning of an expansion of research into more in-depth applications of RU.
Subsequent studies have categorized RU into three main types: instrumental research utilization (IRU),
conceptual research utilization (CRU), and persuasive research utilization (PRU) [1]. These categories have
been refined from the overall study of RU in various contexts [4]. Nevertheless, RU remains an essential
variable in the social sciences that lacks a clear theoretical definition, necessitating continuous data-driven
studies to further advance this area [10].

Thailand has consistently emphasized RU through national policy formulation, budget allocation to
relevant agencies, and a particular focus on education. This is aimed at fostering quality education
management that will have a long-term impact on RU across all sectors of the country [11]. As education is
the foundation for human resource development, which serves as a driving force for national development
[12], it is crucial to ensure that education can effectively generate positive outcomes. These include
developing educational management strategies aligned with the rapidly changing world, designing
learner-centered curricula and learning activities, fostering teaching methods that promote higher-order
thinking skills among learners, adopting realistic assessment and evaluation methods, and enhancing learner
potential. RU in education development can ensure the quality of these processes [13]. However, an
ineffective approach to these processes could hinder educational development, leading to outdated curricula
that are not aligned with learner needs, a lack of essential 21st century skills among learners, and reduced
national competitiveness [14]. This could manifest as a lack of advanced knowledge and skills among
personnel, a dearth of innovation, and limited research on RU in Thailand, particularly in basic education.
With limited studies on RU in basic education, achieving effective implementation of the aforementioned
processes is challenging due to the lack of clear guidelines. Therefore, this research aims to investigate the
factors influencing RU among teachers under the office of the basic education commission, who are key
components of the aforementioned education management.

The promotion of RU in education has garnered significant attention both in Thailand and globally,
with four key factors influencing the adoption of research findings: i) individual factors, such as teachers'
knowledge and research skills (KNOWS) [15]; ii) organizational factors, including support from school
administrators [16]; iii) the characteristics of the research itself [17]; and iv) channels for disseminating
research results [18]. However, many teachers still hold negative attitudes toward conducting and applying
research, such as perceiving teaching and research as separate processes, viewing research as overly complex
and beyond their responsibilities, or fearing failure in conducting research [19], [20]. These attitudes pose
significant barriers to effectively utilizing research to improve teaching and learning. In Thailand, there are
notable examples of RU in education, such as integrating research on active learning into instructional design
or applying educational technology research to develop online learning platforms for students in remote areas
[4]. Internationally, case studies highlight the use of neuroscience research in designing curricula that align
with children's brain development [3] or applying artificial intelligence research to develop adaptive learning
systems that meet learners' personalized needs [4]. Understanding and addressing these negative attitudes is
therefore crucial in promoting RU in the field of education.

Given the complexity of factors influencing RU in education, this study employs partial least
squares structural equation modeling (PLS-SEM), using a formative measurement model and the disjoint
2-stage approach. This method is particularly suitable as it effectively manages the intricacies of multiple
interrelated latent variables, such as analyzing how organizational factors influence teachers' RU.
Furthermore, it allows for precise estimation of the impact of various variables, which will lead to effective
policy recommendations for administrators, teachers, and scholars. These recommendations may include
developing research support systems in schools, designing research skills development programs for teachers,
and creating platforms that link research with classroom practice. The findings from this analysis will provide
a deeper understanding of the mechanisms driving RU among Thai teachers, which will ultimately contribute
to enhancing the quality of Thai education through effective and sustainable RU, grounded in empirical
evidence.

2. METHOD
2.1. Sample

The research sample consisted of 688 teachers affiliated with the office of the basic education
commission in the Northern Region of Thailand, categorized into 520 primary school teachers and 168
secondary school teachers. The sample was obtained through a multi-stage sampling method based on the
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population proportions at each educational level to ensure the inclusion of schools and teachers from each
level in sequence. The minimum sample size was determined using the parameter estimation method, which
included an effect size (f?) of 0.25, a statistical power of 0.8, 8 construct variables, and 30 observed variables,
with a 99% confidence level allowing for a margin of error of +1% [10], [21]. The minimum sample size
required was 336 individuals. The sample size used in this research exceeded the minimum requirement by
more than double, ensuring that the sample adequately reflected the similarities and differences within the
population, thereby enhancing the accuracy of parameter estimations and preventing inadequate statistical
power [10].

2.2. Research instruments

The research instrument used was a questionnaire with 101 items, utilizing a 5-point Likert scale
(5=strongly agree/most frequently practiced, 1=strongly disagree/least frequently practiced). This instrument
assessed RU through three components: IRU, CRU, and PRU. Additionally, it included five factors
influencing RU: organizational leadership (LEAD), organizational support (SUPP), organizational climate
(ORGA), KNOWS, and attributes of research (ATTR). The scope of measurement was defined by
operational definitions.

RU refers to the process by which teachers implement research findings and methodologies to their
practices, aiming to develop or change approaches and ideas to achieve better results. It consists of three
components: i) IRU: the use of research findings and research methods by teachers in performing their duties,
learning management, and relationships with parents and the community. It is measured by three indicators:
teacher performance (IRU1), learning management (IRU2), and community relationships (IRU3);
ii) CRU: the use of research findings and research methods by teachers to spark reasoning, raise awareness,
change existing concepts, and generate new ideas in order to develop themselves in line with the standards of
knowledge and professional experience of teachers. It is measured by four indicators: reasoning (CRU1),
awareness (CRU2), change of concepts (CRU3), and creating new ideas (CRU4); and iii) PRU: the use of
research findings and research methods by teachers to persuade and convince administrators, supervisors, and
colleagues to change their thinking and practices in line with research findings. It is measured by two
indicators: persuasion to change ideas (PRU1) and persuasion to change practice (PRU2).

The questionnaire comprises 34 items, with discrimination power assessed through item-total
correlation (rxy) values ranging from 0.686 to 0.848. An independent samples t-test, considering the top and
bottom 27% groups (each with 46 individuals), showed values ranging from 7.704 to 14.131, all statistically
significant at the 0.01 level. Cronbach’s alpha for the observed variables ranged from 0.946 to 0.958. The
sample questions included: “I apply a variety of teaching techniques from research to suit the different
learning styles of my students,” “using research results has given me a correct understanding of student
development,” and “I clearly demonstrate the positive outcomes of using research in curriculum design,
student development, and parent collaboration.”

LEAD refers to the context in which administrators use their authority to motivate, support, and
facilitate teachers, fostering organizational, personnel, and outcome improvements. It is measured by four
observed variables: idealized influence (IDEA), intellectual stimulation (INTE), individualized consideration
(INDI), and inspirational motivation (INSP). The questionnaire comprises 12 items, with discrimination
power assessed through item-total correlation (ryy) values ranging from 0.691 to 0.891. An independent
samples t-test, considering the top and bottom 27% groups (each with 46 participants), showed values
ranging from 6.161 to 10.853, all statistically significant at the 0.01 level. Cronbach’s alpha for the observed
variables ranged from 0.873 to 0.924. The sample questions included: “the school principal encourages me to
constantly look for new ways to work, develop, and solve problems,” “my school principal has a clear and
actionable vision and direction,” and “my school principal asks about and creates opportunities for
professional development that are tailored to the interests of all teachers.”

SUPP refers to the support teachers receive related to research, including assistance with research
resources, allocation of appropriate time, research training, guidance, feedback, and collaboration from
experts within their affiliated organizations. It is measured by three observed variables: resources for research
(RESO), knowledge for research (KNOW), and time for research (TIME). The questionnaire comprises 9
items, with discrimination power assessed through item-total correlation (rxy) values ranging from 0.676 to
0.878. An independent samples t-test, considering the top and bottom 27% groups (each with 46
participants), showed values ranging from 7.199 to 12.455, all statistically significant at the 0.01 level.
Cronbach’s alpha for the observed variables ranged from 0.862 to 0.906. The sample questions include:
“l receive support with materials and equipment for teaching management to develop and solve student
problems,” “I can use the school facilities as a resource for studying and developing my classroom research
at any time,” and “when | have questions about conducting classroom research, | can find answers from
personnel in the school or affiliated organizations.”
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ORGA refers to the perception of interactions between teachers and the organizational regulations,
including friendliness, responsibility, and fairness. It is measured by four observed variables: rules (RULE),
friendliness (FRIEN), responsibility (RESP), and fairness (FAIR). The questionnaire comprises 14 items,
with discrimination power assessed through item-total correlation (ryy) values ranging from 0.704 to 0.863.
An independent samples t-test, considering the top and bottom 27% groups (each with 46 participants),
showed values ranging from 9.356 to 12.684, all statistically significant at the 0.01 level. Cronbach’s alpha
for the observed variables ranged from 0.880 to 0.908. The sample questions include: “my school clearly
defines roles and grants rights to practitioners,” “I feel that | am an important part of the school,” and
“I receive equal opportunities and treatment from the school as all other teachers.”

KNOWS refers to teachers' perception of their knowledge and abilities in problem-solving,
information seeking, research methodology, statistical data analysis, and research dissemination. It is
measured by five observed variables: problem solving skills (PROB), information seeking skills (INFO),
research methodology skills (RESM), data management and analysis skills (STAT), and research publicizing
skills (COMM). The questionnaire comprises 17 items, with discrimination power assessed through
item-total correlation (ryy) values ranging from 0.704 to 0.894. An independent samples t-test, considering the
top and bottom 27% groups (each with 46 participants), showed values ranging from 9.112 to 12.314, all
statistically significant at the 0.01 level. Cronbach’s alpha for the observed variables ranged from 0.862 to
0.939. The sample questions include: ““I can systematically design problem-solving methods,” “I often find
research on the topics | need in a short time using various search techniques,” and “I can design research
frameworks that align with the problems identified.”

ATTR refer to teachers' perceptions regarding the usefulness, compatibility with their work,
complexity, repeatability, and observable benefits of conducting and utilizing research. It is measured by five
observed variables: relative advantage (ADVA), compatibility (COMPA), complexity (COMPL), trialability
(TRAI), and observability (OBSE). The questionnaire comprises 15 items, with discrimination power
assessed through item-total correlation (rx,) values ranging from 0.416 to 0.861. The independent samples
t-test, considering the top and bottom 27% groups (each with 46 participants), showed values ranging from
5.658 to 10.852, all statistically significant at the 0.01 level. Cronbach’s alpha for the observed variables
ranged from 0.726 to 0.929. The sample questions include: “I conduct research based on current practices
such as goals, available resources, and involved personnel,” “I focus on studying and researching issues
rather than complex methodologies,” and “I am interested in research that can be tested on a small scale of
actual practice.”

2.3 Analyzing of data

This research involves the analysis of multivariate data where the variables are interrelated in a
causal factor manner. The researcher employed PLS-SEM [10], using the PLS algorithm for parameter
estimation and bootstrapping (5,000 replications) to obtain path coefficients with statistical significance
testing. The hypothesized model in this study is a higher-order structural model, where highly abstract
constructs are specified as higher-order and more concrete components as lower-order constructs. This
reduces the structural complexity of the model and multicollinearity. Both levels of constructs were measured
using a formative-formative measurement model [22]. The analysis of these higher-order constructs was
conducted using the disjoint 2-stage approach [23] with the ADANCO version 2.3.2 software.

The analysis of higher-order constructs using the disjoint 2-stage approach is conducted in two
stages. The first stage analyzes the lower-order constructs, where independent variables are directly
examining the relationship between with the lower-order constructs to obtain their standardized construct
scores. In the second stage, the analysis of the higher-order constructs is carried out by using the standardized
construct scores of the lower-order constructs as indicators for the newly created higher-order constructs. The
independent variables are then analyzed in relation to the newly created higher-order constructs in the same
manner as in the analysis of the lower-order constructs [23].

For model evaluation, three aspects are considered: i) overall model fit: this involves parameter
estimation to assess the differences between the observed value or approximated value and the predicted
value of the dependent variables. Nomological validity is considered, which includes standardized root mean
square residual (SRMR), geodesic discrepancy (ds), and unweighted least squares discrepancy (ducs), and
these should be less than the 99% confidence interval (HI99). However, if all three values exceed this
threshold, SRMR should be less than 0.08; ii) outer model or measurement model: this involves examining
the quality of the indicators in the model. Given that this research employs a formative measurement model,
multicollinearity is evaluated by ensuring that the variance inflation factor (VIF) value is less than 5.0 [24],
Additionally, if the VIF value is below 3.3, it indicates that the indicators are free from common method bias
(CMB) [25]. The significance of the weight values is assessed by ensuring that the T-weight is greater than
1.96. If statistical significance is not established, loadings greater than 0.5 are considered [26]; and iii) inner
model or structural model: this involves examining the influence of variables within the model. The statistical

Unraveling the predictors of research utilization among Thai educators: evidence from ... (Phuchit Laowang)



1688 O ISSN: 2252-8822

significance of path coefficients (beta) is assessed [27]. The coefficient of determination (R?) is evaluated
with thresholds of 0.25, 0.50, and 0.75, corresponding to small, medium, and large, respectively [24]. The
effect size (f?) for each path is assessed with thresholds of 0.02, 0.15, and 0.35 for small, medium, and large
effects, respectively.

3. RESULTS AND DISCUSSION

For the analysis of the PLS-SEM, the disjoint 2-stage approach involves completing the analysis of
the lower-order constructs and then using the standardized construct scores of the components in the
subsequent second-stage analysis.

3.1. Overall model fit

The results of the parameters used to examine the nomological validity of the lower-order constructs
include SRMR=0.035, duis=0.563, and dz=0.338. These results indicate that the hypothesized model has
goad fit, as evidenced by the SRMR value being less than 0.08. For the higher-order constructs model, the
SRMR=0.038, durs=0.440, and ds=0.254 values similarly indicate good fit for the hypothesized model, as
shown in Table 1.

Table 1. Assessing of the goodness of fit of the lower-order and higher-order construct

Parameter Value HI95  HI99

Lower-order construct SRMR  0.035 0.022 0.024

dus 0563 0214 0.260

ds 0338 0212 0.234

Higher-order construct SRMR  0.038  0.022 0.025

dus 0440 0141 0.180

ds 0.254 0.137 0.151

3.2. Measurement model

The results of the first stage, as shown in Figure 1, the analysis of the indicator weights of the lower-
order construct showed values ranging from 0.146 to 0.533, with statistical significance at the 0.05 level. The
highest weights were found in PRU1 (0.533), PRU2 (0.520), and CRU1 (0.476), respectively. The indicator
with the lowest weight was STAT (0.146). However, the indicators IDEA, COMPL, and CRU2 were not
statistically significant (T-Weight<1.96). Nevertheless, when considering the loading values, the indicators
IDEA, COMPL, and CRU2 had values of 0.894, 0.819, and 0.787, respectively, which are above the
threshold of 0.5. The multicollinearity analysis showed that the VIF values of the indicators ranged from
1.766 to 4.277, all below 5.0, indicating that there is no multicollinearity among these indicators. Therefore,
all indicators can be used as indicators in the lower-order construct.

Second stage, as shown in Figure 2, shows that the independent variables retained the same
indicators and structures but the standardized construct scores of IRU, CRU, and PRU from the first stage
were used as indicators for the newly constructed variable, RU. The weights in this stage differed slightly
from the first stage, ranging from 0.146 to 0.493, with statistical significance at the 0.05 level. The indicators
with the highest weights were PRU (0.493), RULE (0.436), and KNOWL (0.432), respectively. The indicator
with the lowest weight was STAT (0.146). However, the IDEA and COMPL indicators were not statistically
significant (T-Weight<1.96). When considering the loading values, the IDEA and COMPL indicators had
values of 0.897 and 0.818, respectively, thus meeting the criteria. The multicollinearity analysis of the IRU,
CRU, and PRU indicators, the VIF values were 2.897, 2.633, and 2.740, respectively, as shown in Table 2.

3.3. Structural model

The results of the path coefficients analysis, as in Table 3, indicates that direct effect (DE) reveal
significant positive effect of ATTR and SUPP on RU at the 0.01 level. ORGA and LEAD, on the other hand,
had no effect on RU. The effect sizes (f?) of ATTR (0.059) and SUPP (0.021) are small, whereas KNOWS
(0.016) and LEAD (0.001) are considered negligible due to their values being less than 0.02. Moreover,
KNOWS and SUPP were found to have a statistically significant positive effect on ATTR at the 0.01 level,
with a large effect size (f?) for KNOWS (1.996) and a small effect size for SUPP (0.026). SUPP also had a
statistically significant positive effect on KNOWS at the 0.01 level, with a large effect size (0.873).
Additionally, SUPP and LEAD were found to have a statistically significant positive effect on ORGA at the
0.01 level. SUPP had a large effect size (0.392), while LEAD had a small effect size (0.140). Lastly, LEAD
also had a statistically significant positive effect on SUPP at the 0.01 level, with a large effect size (1.516).
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For indirect effect (IE), it was found that KNOWS, SUPP, and LEAD had a statistically significant positive
effect on RU at the 0.01 level. Both SUPP and LEAD also had a statistically significant positive effect on
ATTR at the 0.01 level, and LEAD had a statistically significant positive effect on KNOWS and SUPP at the
0.01 level.

| PROBl | INFO | | RESI\/Il | STAT | |CONIM| 0372+ |_IRU1
0.248" Q217 0.230" D.146%—0.286"
RULE ho.388*
£ ] RU2
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Figure 1. First stage: analysis of lower-order construct

| RESM |

Figure 2. Second stage: analysis of higher-order construct

Considering total effect (TE) of all factors in the structural model, SUPP (beta=0.570) had the highest
effect on RU, followed by KNOWS (beta=0.539), LEAD (beta=0.472), and ATTR (beta=0.391), all of which
were statistically significant at the 0.01 level. Collectively, all variables explained a moderate level (R%4=0.525)
of the variance in RU. In the case of ATTR, KNOWS (beta=0.834) had the highest effect, followed by SUPP
(beta=0.665) and LEAD (beta=0.516), all of which were statistically significant at the 0.01 level. Together,
these variables explained a very high level (R%4=0.813) of the variance in ATTR. SUPP (beta=0.683) and
LEAD (beta=0.530) had statistically significant positive effects on KNOWS at the 0.01 level, explaining a
moderate level (R%4=0.465) of variance in KNOWS. Furthermore, LEAD (beta=0.757) and SUPP (beta=0.551)
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had statistically significant positive effects on ORGA at the 0.01 level, explaining a high level (R%4=0.692) of
variance in ORGA. Finally, LEAD (beta=0.776) had a statistically significant positive effect on SUPP at the
0.01 level, explaining a high level (R%4=0.602) of the variance in SUPP, as shown in Table 3.

Table 2. Assessing the indicators of the lower-order and higher-order construct
Lower-order construct ~ Higher-order construct

Construct  Indicator Weight Loading Weight Loading VIF

LEAD IDEA 0.106 0.894 0.125 0.897 4.098
INTE 0.426* 0.942 0.377* 0.932 3.881

INDI 0.319* 0.896 0.350* 0.906 2.899

INSP 0.243* 0.903 0.242* 0.902 3.450

SUPP RESO 0.299* 0.808 0.325* 0.819 1.766
KNOWL  0.460* 0.930 0.432* 0.923 2.663

TIME 0.373* 0.885 0.379* 0.885 2.300

ORGA RULE 0.388* 0.867 0.436* 0.887 1.997

FRIEN 0.276* 0.865 0.280* 0.858 2.647

RESP 0.270* 0.805 0.175* 0.758 1.961

FAIR 0.247* 0.841 0.280* 0.858 2.372

KNOWS PROB 0.248* 0.838 0.271* 0.847 2.248
INFO 0.217* 0.874 0.204* 0.870 2.888

RESM 0.230* 0.918 0.234* 0.918 4.168

STAT 0.146* 0.896 0.146* 0.895 4.277

COMM 0.286* 0.912 0.274* 0.907 4.055

ATTR ADVA 0.278* 0.890 0.267* 0.888 3.084
COMPA  0.237* 0.889 0.259* 0.894 3.341

COMPL 0.067 0.819 0.068 0.818 3.099

TRAI 0.212* 0.859 0.195* 0.854 3.108

OBSE 0.353* 0.867 0.357* 0.868 2.062

IRU IRU1 0.372* 0.913 - - 2.846
IRU2 0.429* 0.948 - - 3.633
IRU3 0.290* 0.875 - - 2.525
CRU CRU1 0.476* 0.896 - - 1.965
CRU2 0.038 0.787 - - 2.708
CRU3 0.276* 0.874 - - 2.993
CRU4 0.348* 0.869 - - 2.589
PRU PRU1 0.533* 0.952 - - 2.865
PRU2 0.520* 0.949 - - 2.865
RU IRU - - 0.309* 0.901 2.897
CRU - - 0.293* 0.883 2.633
PRU - - 0.493* 0.940 2.740

Note: *p-value<0.05; T-Weight>1.96

Table 3. Path coefficients and significance for the structural model
Path DE t-value IE t-value TE t-value i R%dj
ATTR->RU 0.391** 5617 - - 0.391** 5617 0.059 0.525
KNOWS->RU ~ 0.213** 2.989  0.326** 5548 0539** 11913 0.016

ORGA->RU -0.041  -0.595 - - -0.041  -0.595 0.001
SUPP->RU 0.187** 3,513 0.383** 9109 0.570** 12,671 0.021
LEAD->RU 0.043 0.809  0.429** 9355 0.472** 14410 0.001

KNOWS->ATTR  0.834**  0.023 - - 0.834** 36.319 1.996 0.813
SUPP->ATTR 0.096**  0.028 0.569** 21.005 0.665** 24.089 0.026

LEAD->ATTR - - 0.516** 18.866 0.516** 18.866 -
SUPP->KNOWS  0.683**  26.184 - - 0.683** 26.184 0.873 0.465
LEAD->KNOWS - - 0.530** 20.488 0.530** 20.488 -
SUPP->ORGA 0.551**  13.035 - - 0.551** 13.035 0.392 0.692
LEAD->ORGA  0.329** 7483 0427** 12515 0.757** 36.634 0.140
LEAD->SUPP 0.776**  38.727 - 0.776** 38.727 1.516  0.602

Note: **p-value<0.01, DE=direct effect, IE=indirect effect, TE=total effect

For the analysis using PLS-SEM, which includes formative measurement models, one important
consideration is that indicators within the same construct should not be correlated. This can be assessed using
the VIF, which should be below 5.0. If the VIF exceeds this threshold, the indicator should be removed from
the model [22]. A VIF value below 3.3 indicates high-quality indicators and suggests no CMB [24], [25].
In this study, none of the 33 indicators exhibited VIF values exceeding 5.0. Moreover, over 75.76% of the
indicators had VIF values below 3.3. The researchers noted that this might be due to the use of higher-order
constructs, which tends to mitigate such issues [24].
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SUPP emerged as the most influential factor in RU among teachers under the office of the basic
education commission, highlighting the importance of resource development and structural support within
educational institutions. This includes promoting research knowledge, skills, and experience, as well as
providing opportunities for professional development through further education and training, along with
sufficient funding and facilities for conducting research. These findings align with several international
studies [21], [28], which emphasize the importance of support in terms of knowledge, funding, and time in
promoting RU. Moreover, Lin [29] found that SUPP positively affects an organization's intention to facilitate
knowledge sharing, a key component of RU. However, the Thai educational context presents unique
characteristics, such as a centralized administrative structure and close relationships among personnel, which
may result in SUPP playing a more prominent role than in more developed countries. Additionally, the study
found that SUPP influences the ORGA, consistent with Kdse [30], who demonstrated that such support
positively affects the climate and teacher engagement. Therefore, promoting RU in Thai schools should
prioritize the development of comprehensive support systems, encompassing knowledge, resources, and an
ORGA conducive to research and the application of research findings in enhancing teaching and learning
practices.

Research knowledge and skills are the second most influential factors in teachers' RU, exerting both
direct and IE. This finding aligns with Bloom’s learning theory [31], which emphasizes that effective
utilization of any resource requires a solid foundation of knowledge and experience. The results of this study
are consistent with the research of Moe and Enmarker [19] but further highlight the significant role of
indirect influence. Additionally, Sanluang and Aungsuroch [32] found that research experience plays a
critical role in enhancing RU, while Goldstein et al. [33] explained that knowledge and skills influence
perception and decision-making regarding various phenomena. This is also supported by Haggman [34], who
found that knowledge, skills, and experience impact the characteristics of research. Therefore, promoting RU
in education should prioritize the continuous development of teachers' research knowledge and skills through
hands-on training, building research networks, and encouraging teacher participation in research projects.
This will enhance teachers' research knowledge, skills, and experience, ultimately leading to more effective
use of research in improving teaching and learning practices.

LEAD of administrators is one of the most influential factors affecting RU, albeit indirectly. This is
because teachers” RU behaviors, such as solving classroom problems using research findings or modifying
practices based on research, are primarily driven by internal motivations rather than the direct authority of
organizational leaders [35]. However, due to their roles within the organization, administrators’ leadership
indirectly influences teachers’ RU. The influence of LEAD on RU can be explained through the diffusion of
innovations theory, which posits that leaders’ attitudes toward change positively impact the transformation of
organizations into innovative entities, allowing for the adoption of new ideas and the replacement of traditional
methods [17]. This is consistent with the findings of Scott-Findlay and Golden-Biddle [36], who noted that
organizational leaders play a crucial role in facilitating and shaping policies that promote RU. Similarly, LEAD
influences RU, though these studies observed direct influence [15], [19]. The results of this study suggest that
the difference may be attributed to variations in organizational context and research methods.

The ATTR have a direct influence on teachers' RU, particularly when teachers perceive that
research can be practically applied in teaching and learning. For example, introducing new teaching strategies
that enhance student learning or presenting methods that align with the current work context can significantly
impact utilization. Diffusion of innovations theory [17] explains that a positive perception of the
characteristics of an innovation, in this case, research, leads to acceptance and utilization. This finding is
consistent with the study by Tanye [37], which found that students' positive perceptions influenced their use
of innovations in universities, and with Kim et al. [38] who noted that relative advantage, compatibility, and
complexity of innovations positively impacted their adoption. These research findings highlight the
importance of designing and communicating research characteristics to meet the needs and contexts of
teachers, thereby promoting effective RU in education. For instance, presenting research findings in an easily
understandable format, with clear guidelines for practical application and demonstrating tangible benefits for
both students and teachers, will encourage teachers to recognize the value of research and apply it more
frequently to enhance teaching and learning.

The findings revealed that ORGA is the only factor that does not influence teachers' RU, which
contradicts diffusion of innovations theory Dearing and Cox [17] and the previous studies [15], [39], which
found that ORGA impacts innovation adoption and work performance. Furthermore, Gregory et al. [40]
discovered that organizational culture affects organizational effectiveness, and Yang [41] highlighted the
importance of knowledge sharing for organizational learning and effectiveness. However, this divergent
result can be explained by the unique characteristics of the teaching profession and the Thai educational
context, particularly in two key aspects. First, the professional autonomy of teachers, which aligns with
self-determination theory [42], emphasizes the importance of autonomy in decision-making. Thai teachers
often have the freedom to make decisions regarding teaching methods and the adoption of innovations in
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their classrooms, consistent with concept of teacher professionalism [43]. Second, teachers’ intrinsic
motivation, which is explained by self-determination theory and adult learning theory [44], suggests that
teachers are highly motivated to develop their professional skills and improve teaching quality, without
relying on external organizational stimuli. Therefore, teachers' decisions to utilize research may depend more
on individual factors than on the overall ORGA. These findings indicate that promoting RU in Thai
education should focus on enhancing teachers' individual capacities, supporting professional autonomy, and
fostering intrinsic motivation, rather than solely on modifying the overall ORGA.

4. CONCLUSION

The findings of this study represent a significant turning point in understanding the factors that
influence RU in the context of Thai education. Notably, the discovery that ORGA does not impact teachers’
RU contrasts with previous studies and highlights the unique characteristics of the Thai teaching profession,
which is characterized by a high degree of autonomy and intrinsic motivation. These findings suggest that
policies aimed at promoting RU in Thai education should focus on enhancing the individual capabilities of
teachers, rather than attempting to alter the ORGA as a whole. This includes developing teachers’ research
knowledge and skills and providing SUPP tailored to the specific needs of each teacher. Additionally, the use
of the disjoint 2-stage approach in PLS-SEM in this study introduces an innovative research method to Thai
educational research, offering a deeper understanding of the relationships between various factors. As a
result, this research not only challenges existing ideas about promoting RU in education but also opens new
perspectives on teacher professional development and educational reform in Thailand, emphasizing the
empowerment of teachers as independent and effective researchers and research users.
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