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 The school climate is an essential aspect of educational practices and 

policies. This study aims to investigate Mongolian secondary school 

teachers’ perceptions of school climate and develop a measurement tool. The 

study involved 686 randomly selected teachers, and research data were 

collected online from the Mongolian National Educational Evaluation 

Centre. Statistical analysis was conducted using SPSS-21 software. This 

study was conducted in three phases: item generation, a pilot study, and a 

main study. Firstly, 77 items were developed on a 5-point Likert scale based 

on a literature review. Before the main survey, a pilot test was carried out 

with 200 teachers from the southern province of the country. Finally, an 

exploratory factor analysis (EFA) with Promax rotation was used to explore 

the content validity of the survey. Cronbach’s alpha was applied to assess 

the reliability of each factor. The statistical analysis revealed a 14-factor 

structure based on the data. The reliability analysis results indicated that 

internal consistency for all factors is at an acceptable level. The study’s 

overall results suggest that the proposed inventory is a validated 

measurement tool to examine teachers’ perceptions of the school climate in 

Mongolian secondary schools. 
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1. INTRODUCTION 

The school climate plays a crucial role in determining student learning and achievement. However, 

there is limited research on school climate in Mongolia, and it is not yet recognized at the national level how 

aspects of school climate are essential for evaluating education quality. Currently, there are no tools available 

to measure the aspects of school climate, nor any attempts to adapt suitable ones developed in other 

countries. Moreover, the review of literature of articles published in peer-reviewed journals that considered 

the school climate from the perspectives of Mongolian students shows only a study by Enkhtur et al. [1], 

where the authors identified similarities and differences between Mongolian student experiences and 

Western-based school climate. To address this gap, we aim to develop a school climate measurement tool 

called the Mongolian school climate inventory (MoSCI). Therefore, the main objective is threefold. The first 

objective is to create items that represent the school climate as perceived by teachers, collect data, evaluate 

pilot tests, and examine whether the data are suitable for exploratory factor analysis (EFA). The second 

objective is to explore factor solutions. The third objective is to assess the reliability of each factor. The 

primary research questions to achieve the goals of this study are as: 
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- Are the data suitable for EFA? 

- How many factors do items extract, and what do the factors mean? 

- Is the internal consistency good for each component? 

As a result of this study, we propose a new measurement model for a school climate as perceived by 

teachers of secondary schools in Mongolia, which makes the innovativeness of the study. This also can be 

used as a main tool for policy makers and implementators of the country for evaluating the institutional 

climate of a school through teachers’ perceptions and for supporting further intervention for overall school 

improvement nationwide. As we mentioned before, there are still no tools to measure the aspects of school 

climate in the country. 

The concept of school climate was first recognized more than 100 years ago. Perry [2] described 

how students are affected by the quality of their environment and highlighted the crucial influence of school 

culture or climate on students’ outcomes. Yet, school climate did not enter the realm of empirical research 

until the early 1960s when Halpin and Croft [3] developed the organizational climate descriptive 

questionnaire and began systematically studying the effects of school organizational climate on student 

learning and development. Over the last several decades, researchers and educators have realized that the 

initial conceptualization of school climate was overly simplistic and now recognize it as a multidimensional 

construct [4]. 

School climate refers to the various characteristics of a school, such as cultural, contextual, 

perceptual, and behavioral factors [5]. Although there is no widely accepted definition for school climate, it 

is generally understood as the quality and character of school life. This is based on the patterns of people’s 

experiences of school life and reflects the norms, goals, values, interpersonal relationships, teaching and 

learning practices, and organizational structures [6]. Multiple domains and dimensions of the school climate 

can be explained from the viewpoint of various theoretical foundations. For example, the risk and resilience 

model [7]–[9], attachment theory [10], [11], social control theory [12], and social cognitive theory [13]–[15]. 

The risk and resilience model focuses on identifying the factors present in a child’s environment that 

promote positive development and reduce negative outcomes when they face risk [7], [8]. School is a crucial 

setting for considering these factors. Risk factors such as growing up in poverty or facing discrimination can 

increase the likelihood of negative outcomes for children. Resilience, on the other hand, refers to the 

accumulation of assets, such as positive relationships with teachers and challenging instruction, which can 

help children overcome adversity [16], [17]. Positive student development depends on the unique 

combination of a student’s individual qualities and their school environment [18], [19]. 

Attachment theory refers to the emotional connection that exists between an infant and their mother 

[20], [21]. This connection helps the child become more independent and confident with consistent emotional 

support and a safe environment [22]. One of the first opportunities to form attachments outside the family 

unit is during the transition to school, when children can bond with peers and teachers [10], [11]. Because 

attachment theory emphasizes the importance of building strong social bonds, it is especially applicable to 

the school community, as the quality and frequency of relationships within the school environment can 

significantly influence a child’s development. 

As applied to school climate research, social control theory emphasizes the importance of quality 

academic climates to inspire greater commitment and involvement in educational activities. It also focuses on 

the quality of the safety and community domains to strengthen students’ attachment to the school and belief 

in the school’s moral code. Thus, a strong bond with the school community encourages conformity to 

conventional norms and decreases the likelihood of deviant behavior. 

According to the social cognitive theory, the school environment can significantly impact teaching 

practices, which, in turn, affect the development of students. Motivation is a key component of this theory, 

defined as behavior to achieve specific goals [14]. In this theoretical framework, the school climate impacts 

student development through the quality of interactions in the academic, community, and safety domains, by 

instilling high academic expectations, facilitating supportive teacher-student relationships, and maintaining 

an environment where students feel emotionally safe and secure in taking academic risks. The theory 

suggests that learning occurs in a social context with a dynamic and reciprocal interaction of the person, 

environment, and behavior. 

Although there is ongoing debate regarding the specific elements that contribute to a positive school 

climate, many researchers have identified four major aspects: quality of teaching and learning, school 

community and relationships, school organization, and the institutional and structural features of the school 

environment. Moreover, it is widely acknowledged that the school climate is a multifaceted construct that 

includes safety, academic dimension, community, and institutional environment. Wang and Degol [4] 

identified four domains and 13 dimensions of school climate. These domains are academic (teaching and 

learning, leadership, and professional development), community (quality of relationships, connectedness, 

respect for diversity, and partnerships), safety (social and emotional safety, physical safety, discipline, and 

order), and institutional environment (environmental adequacy, structural organization, and availability of 
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resources). Previous research on school climate assessments has shown that safety, relationships, and 

institutional structures are the most commonly researched domains [4], [23]. 

The academic domain of school climate focuses on how learning and teaching are promoted in the 

school and is defined using three dimensions: leadership; teaching and learning; and professional 

development climate [24]. Community refers to the quality of interactions between and among school 

members. The community domain of school climate is defined as having four dimensions: quality of 

interpersonal relationships, connectedness, respect for diversity, and community partnerships. Quality of 

interpersonal relationships refers to the consistency, frequency, and nature of the relationships that take place 

within the school: student-teacher relationships, relationships among students, and relationships among staff 

members [19], [25]. 

School safety refers to the physical and emotional security provided by a school and formed by its 

members, along with the degree of order and discipline present [26]–[28]. The safety domain of school 

climate is most commonly defined in three dimensions: physical safety, emotional safety, and order and 

discipline. The institutional environment component of school climate refers to the adequacy of the school 

setting, the maintenance and infrastructure of the building, and the accessibility and allocation of educational 

resources. Characteristics of the structural organization that have been linked to perceptions of school climate 

include school size [29], [30], class size [31]. The availability of resources indicates the accessibility teachers 

and students have to the technology, tools, and resources that augment instruction [32]. 

 

 

2. RESEARCH METHOD 

2.1.  Research sample 

This study used data collected during the national educational quality assessment organized in 

Mongolia in October 2022. According to the 2022 report from the National Statistics Office, 23,290 teachers 

are working in secondary schools. The study included 686 randomly sampled teachers from public and 

private schools nationwide. The sample size taken from the population of 23,290 teachers with a 99% 

confidence level and 5% error margin [33] is 648, which is less than the size of our sample. Mongolia is 

divided into 21 provinces (named “aimag”), and the capital (named “niislel”) Ulaanbaatar. Secondary 

subdivisions outside Ulaanbaatar are referred to as “sоum”. Soums are further subdivided into bags. The 

sample distribution includes participants from the Ulaanbaatar, aimags, soums, and bags, with 300 from 

Ulaanbaatar, 247 from the aimags, 135 from the soums, and four from the bags. The characteristics of the 

participants are shown in Table 1 (by age and experience). 

More than 80% of all teachers in Mongolia are female. In our study, 87% (n=601) of respondents 

were female. According to Table 1, 5.98% (n=41) of respondents have worked for less than 1 year, 19.24% 

(n=132) have worked between 1-5 years. Additionally, 21.28% (n=146) have worked for 6-10 years, 19.68% 

(n=135) for 11-15 years, 15.45% (n=106) for 16-20 years, 11.08% (n=76) for 21-25 years, and 7.29% (n=50) 

for 26 years or more. 
 

 

Table 1. Characteristics of the sample (by age and experience) 
Experience Up to 1 1-5 6-10 11-15 16-20 21-25 26 and above Total 

Male 7 21 22 21 6 3 5 85 
Female 34 111 124 114 100 73 45 601 

Total 41 132 146 135 106 76 50 686 

 

 

2.2.  Data collection method and data analysis 

Based on a literature review, 77 items were generated on a 5-point Likert scale. After preparing the 

initial draft with all the selected items, a panel of experts checked and approved them. The items were then 

further narrowed down and simplified. The research data were collected online from the Mongolian National 

Educational Evaluation Centre, and statistical analysis was performed using SPSS-21 software. Before 

conducting the main survey, a pilot test was performed involving 200 teachers or respondents from the 

southern province of the country to examine the reliability of the entire scale. Cronbach’s alpha was used to 

determine the items’ internal consistency. The Cronbach’s alpha for the perceptions of the school climate scale 

was .96, within an acceptable range. 

Next, an EFA with Promax rotation was conducted to assess the content validity of the survey. This 

was achieved by measuring the Kaiser-Meyer-Olkin (KMO) test of sample adequacy and Bartlett’s test for 

sphericity to investigate the appropriateness of the data. Since the data did not follow a normal distribution, 

we chose the extraction method with principal components. Cronbach’s alpha was used to assess the 

reliability of each factor. 
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3. RESULTS AND DISCUSSION 

The concept of measurement validity encompasses four main types: content validity, criterion 

validity, convergence validity, and discriminant validity. Content validity focuses on ensuring that the items 

used to represent a scale effectively assess the entire theoretical range of the construct. Content validity can 

be established by using various methods, such as conducting an EFA on initial data to determine the number 

of underlying dimensions, their relationships, and how the items are related to these dimensions. Our research 

aimed to assess the content reliability of the school climate questionnaire for Mongolian teachers. We 

performed an EFA analysis to achieve this, and the results are presented. 

The KMO measure of sample adequacy was .934, which indicates that factor analysis can be 

conducted on the data and that there is a sufficient number of items for each factor [34]. The Bartlett 

sphericity test was significant (Chi square=30544.42, df=2926, p<.05), which means that the correlation 

matrix was not an identity matrix. The communalities for all items, as shown in Table 2, met the requirement 

(greater than .5) for a valid EFA. 

 

 

Table 2. Communalities 
Item Initial Extraction  Item Initial Extraction 

6:1 1.000 .666  9:7 1.000 .583 

6:2 1.000 .745  9:8 1.000 .693 
6:3 1.000 .704  9:9 1.000 .619 

6:4 1.000 .705  9:10 1.000 .569 

6:5 1.000 .697  9:11 1.000 .616 
6:6 1.000 .710  9:12 1.000 .598 

6:9 1.000 .713  9:13 1.000 .580 

6:10 1.000 .740  9:4 1.000 .628 
6:11 1.000 .560  9:15 1.000 .604 

6:12 1.000 .734  9:16 1.000 .570 

6:13 1.000 .731  9:17 1.000 .686 
6:16 1.000 .543  9:18 1.000 .727 

7:1 1.000 .665  9:19 1.000 .728 

7:2 1.000 .671  9:20 1.000 .646 
7:3 1.000 .610  10:1 1.000 .626 

7:4 1.000 .510  10:2 1.000 .639 

7:6 1.000 .508  10:3 1.000 .648 
7:7 1.000 .601  10:4 1.000 .572 

7:8 1.000 .691  10:5 1.000 .609 

7:9 1.000 .593  10:6 1.000 .612 
7:10 1.000 .646  10:7 1.000 .671 

7:11 1.000 .617  10:8 1.000 .690 

7:12 1.000 .711  10:9 1.000 .702 
7:13 1.000 .702  10:10 1.000 .753 

7:14 1.000 .647  10:11 1.000 .584 

7:15 1.000 .714  10:12 1.000 .571 
7:16 1.000 .668  13:1 1.000 .690 

8:1 1.000 .770  13:2 1.000 .576 
8:2 1.000 .767  13:3 1.000 .658 

8:3 1.000 .697  13:4 1.000 .726 

8:4 1.000 .774  13:5 1.000 .592 
8:5 1.000 .773  14:1 1.000 .554 

8:6 1.000 .745  14:2 1.000 .591 

9:1 1.000 .556  14:3 1.000 .500 
9:2 1.000 .529  14:4 1.000 .559 

9:3 1.000 .575  14:5 1.000 .574 

9:4 1.000 .593  14:6 1.000 .539 
9:5 1.000 .571  7:5 1.000 .664 

9:6 1.000 .602     

Extraction method: principal component analysis 

 

 

Table 3 shows the 14 components extracted from the item scale and component loadings. When the 

eigenvalue of the factors is greater than 1, it can be considered an independent factor [35]. Based on the 

factor analysis results, 75 items were extracted into 14 factors, representing 63.86% of the variance of the 

original items. A factor loading greater than .4 indicates that the experimental variables can measure the 

factor [36]. Table 4 indicates that the assessment of the 14-factor structure revealed that all items were 

strongly loaded on the fourteen components above .4, which is an acceptable range. Two items (6:16 and 7:4) 

with low fit were removed. 
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Table 3. Total variance explained 

Comp 
Initial eigenvalues Extraction sums of squared loadings 

Rotation sums of 

squared loadings 
Total % of variance Cumulative (%) Total % of variance Cumulative (%) Total 

1 17.25 22.401 22.401 17.249 22.401 22.401 12.604 

2 6.927 8.997 31.397 6.927 8.997 31.397 8.396 
3 4.349 5.648 37.045 4.349 5.648 37.045 11.513 

4 3.446 4.476 41.521 3.446 4.476 41.521 8.391 

5 3.065 3.981 45.502 3.065 3.981 45.502 4.227 
6 2.475 3.215 48.717 2.475 3.215 48.717 9.902 

7 2.195 2.851 51.568 2.195 2.851 51.568 9.691 

8 1.814 2.356 53.924 1.814 2.356 53.924 5.621 
9 1.570 2.039 55.963 1.570 2.039 55.963 4.439 

10 1.407 1.828 57.790 1.407 1.828 57.790 4.417 

11 1.373 1.782 59.573 1.373 1.782 59.573 2.282 
12 1.205 1.565 61.138 1.205 1.565 61.138 3.304 

13 1.084 1.408 62.545 1.084 1.408 62.545 3.794 

14 1.013 1.315 63.861 1.013 1.315 63.861 2.043 

 

 

Table 4. Pattern matrix 

Item 
Components 

Item 
Components 

1 2 3 4 5 6 7 8 9 10 11 12 13 14 

6:1 .78     9:2 .69         

6:2 .87     9:5 .62         

6:3 .79     9:7 .72         
6:4 .87     9:8 .76         

6:5 .86     9:11 .81         

6:6 .89     9:15 .65         
6:9 .86     7:1  .88        

6:10 .82     7:2  .89        

6:11 .70     7:3  .72        
6:12 .83     7:5  .49        

6:13 .84     7:6  .47        

6:16 removed 7:8  .47        

10:4  .48    13:1   .80       

10:5  .65    13:2   .63       

10:6  .64    13:3   .71       
10:7  .78    13:4   .78       

10:8  .83    13:5   .76       

10:9  .83    14:1    .59      
10:10  .87    14:2    .67      

10:11  .71    14:5    .76      

10:12  .59    9:10     .76     
7:7   .49   9:12     .74     

7:9   .41   9:13     .62     

7:10   .53   9:3      .71    
7:11   .54   9:6      .70    

7:12   .86   9:9      .70    

7:13   .84   14:3       .62   
7:14   .80   14:4       .53   

7:15   .85   14:6       .65   

7:16   .74   10:1        .77  

8:1    .88  10:2        .58  

8:2    .85  10:3        .71  

8:3    .78  9:1         .58 
8:4    .87  9:4         .73 

8:5    .86  9:14         .48 

8:6    .83  7:4 removed 
9:16     .54           

9:17     .78           

9:18     .85           
9:19     .85           

9:20     .72           

 

 

The 14 extracted factors were labeled as: F1 (professional development and support), F2 (teacher-

student-student interactions in class), F3 (compliance with school rules), F4 (teacher commitment to the job), 

F5 (lack of effective communication in class), F6 (learner-centered teaching practices), F7 (teacher 

commitment to curriculum implementation ), F8 (homework strategies), F9 (assessment strategies 1), F10 

(lack of resources in class), F11(lack of times for interaction and feedback), F12 (assessment strategies 2), 
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F13 (direct instructional model based teaching practices), and F14 (teacher-centered teaching practices). The 

results indicate the alignment of the school climate domains identified by Wang and Degol [4], which include 

academic, safety, and institutional environment. Specifically, factors F1, F2, F6, F8, F9, F12, F13, and F14 

represent dimensions of the academic domain, factors F7, F10, and F11 correspond to dimensions of the 

institutional environment, while factors F3, F4, and F5 correspond to dimensions of the safety domain. 

The detailed explanations of the 14 factors by the three school climate domains follow. First, 

explain the factors that characterize the academic domain (F1, F2, F6, F8, F9, F12, F13, and F14). The F1 

factor with the highest variation is named “professional development and support” (eigenvalue=17.25, 

accounting for 22.4% of variance) and it consists of 11 items (factor coefficients ranging from .70 to .89) 

representing practices that promote a climate for professional development and support of teachers from 

school leadership. For example, the principal and managers of our school provide me with opportunities to 

grow professionally, and our principal and managers support continuous professional development for 

teachers. This result is consistent with McGiboney conclusion [37]. The study considered the daily operation 

of a school to be the accurate measure of a school’s climate and level of influence by the school leader. The 

school’s daily operations predict teachers’ perception of school climate more than the opinions or theories of 

principals’ leadership. In other words, a school’s leader may perceive the school climate as positive, but the 

proof is in the elements of the school climate that students and teachers experience. For example, a leadership 

decision that develops and supports programs, activities, or practices that encourage teachers and students to 

interact more often is related to school climate [37]. 

Supportive teaching practices, diverse opportunities for knowledge construction, a conducive 

learning atmosphere [13], [14] and specific instructional activities such as teacher interactions with students, 

assessment practices, and providing feedback [19], [25], [37], [38] are all essential factors in the academic 

domain, particularly in teaching and learning. Factors identified in this research are consistent with the results 

of previous research. One notable factor (F2) named teacher-student-student interactions in class (eigen 

value=6.93, accounting for 9% of variance) comprises nine items (factor coefficients ranging from .50 to .87) 

that represent the interactions and practices between teachers and students (i.e., the teacher creates 

opportunities and an environment for effective and active communication between teacher-student and 

student-student). For example, “I provide opportunities for students to practice asking questions and 

explaining to others,” and “I provide opportunities for students to illustrate their ideas and solutions.” The F6 

factor named learner-centered teaching practices (eigen value=2.48, 3.22% of variance) includes six items 

(factor coefficients ranging from .62 to .81). For example, “I pay attention to the discussion among students 

and provide opportunities for students to learn from their mistakes.” The F13 factor named “direct 

instructional model-based teaching practices” (eigenvalue=1.08, accounting for 1.41% of variance) includes 

three items (factor coefficients ranging from .58 to .77). For example, first, “I explain the contents to the 

students.” The F14 factor, named teacher-centered teaching practices (eigenvalue=1.01, accounting for 

1.32% of variance), consisted of three items (factor coefficients ranging from .48 to .73). For example,  

“I provide teacher-centered teaching in most classes.” The F8 factor named homework strategies 

(eigenvalue=1.81, accounting for 2.36% of variance) consists of five items (factor coefficients ranging from 

.63 to .80). For example, I always check students’ homework and give feedback. The F9 factor named 

assessment strategies 1 (eigenvalue=1.57, accounting for 2.04% of variance) includes three items (factor 

coefficients ranging from .59 to .76). And the F12 factor named assessment strategies 2 (eigenvalue=1.21, 

accounting for 1.57% of variance) consists of three items (factor coefficients ranging from .53 to .65). These 

items represent teacher evaluation and assessment practices (i.e., using various assessment strategies for 

student learning; concrete feedback is given to students on learning). 

Previous research suggests the importance of numerous factors within the institutional environment 

domain of school climate. Key aspects include the adequacy of the school setting, the maintenance and 

infrastructure of the building, the accessibility and allocation of educational resources [32], school size [29], 

[30], and class size [31]. Our findings align with the theoretical framework in this area. For example, the F10 

factor refers to the availability of resources, while the F11 factor pertains to school size or class size. The F7 

factor named “teacher commitment for curriculum implementation” (eigenvalue=2.20, accounting for 2.85% 

of variance) comprises five items (factor coefficients ranging from .47 to .89). The F10 factor named lack of 

resources in class (eigenvalue=1.57, accounting for 2.04% of variance) comprises three items (factor 

coefficients ranging from .42 to .76) representing a poor supply of textbooks, learning materials, substances, 

and reagents. The F11 factor named “lack of time for interaction and feedback” (eigenvalue=1.21, accounting 

for 1.57% of variance) consists of three items (factor coefficients ranging from .70 to .71) representing the 

lack of time for teachers to discuss and provide feedback one-to-one with their students about issues related 

to their progress. 

Safety is a critical aspect of the school climate, and our results identified three key factors in this 

area. One of these is the F3 factor named “compliance with school rules” (eigenvalue=4.35, accounting for 

5.65% of variance), which covers nine items (factor coefficients ranging from .41 to .86). For example, “how 
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well do students follow your school rules?” The F4 factor named “teacher commitment for the job” 

(eigenvalue=3.45, accounting for 4.48% of variance) includes gender items (factor coefficients ranging from 

.78 to .88). For example, “I will do my job as a teacher consistently and continuously.” The F5 factor named 

“causes of lack of effective communication in class” (eigenvalue=3.07, accounting for 3.98% of variance) 

comprises five items (factor coefficients ranging from .54 to .85). For example, a lack of food and nutrients 

for students makes teaching and learning difficult, and a lack of student interest makes teaching and learning 

difficult. 

The data was analyzed to assess reliability using the Cronbach’s alpha coefficient for each factor. 

The results of the EFA and the reliability analysis are summarized in Table 5. The results of the reliability 

analysis indicated that the internal consistency for all factors is at an acceptable level. Specially, the internal 

consistency of factors F1, F2, F3, and F4 was excellent (𝛼 ≥ .9), while the one for factors F5, F6, F7, F8, F9, 

F10, and F13 was good (. 9 > α ≥ .7). 

Through the use of EFA with Promax rotation, a 14-factor structure was identified based on the 

data. The scale encompasses key elements of the school climate domains, including the academic, safety, and 

institutional environment. As this study aimed to develop and validate a scale to measure perceptions about 

the school climate of Mongolian secondary school teachers, we conclude that the aim is achieved. This study 

is significant, as it suggests certain valid and robust instruments in the field of school climate for addressing 

issues and problems in Mongolian educational practices and policies. We note that since this study examined 

only the validity of the content, the question of the validity of other types will be treated in our future studies. 

 

 

Table 5. The factor solutions for the MoSCI 
Factor 

code 

Initial eigenvalues Number of 

items 

Ranges of factor 

coefficients 

Reliability 

coefficients Total % of variance Cumulative (%) 

F1 17.25 22.40 22.40 11 .70-.89 .95 
F2 6.93 9.00 31.40 9 .48-.87 .90 

F3 4.35 5.65 37.05 9 .41-.86 .91 

F4 3.45 4.48 41.53 6 .78-.88 .92 
F5 3.07 3.98 45.51 5 .54-.85 .86 

F6 2.48 3.22 48.73 6 .62-.81 .83 

F7 2.20 2.85 51.58 6 .47-.89 .84 
F8 1.81 2.36 53.94 5 .63-.80 .83 

F9 1.57 2.04 55.98 3 .59-.76 .73 

F10 1.41 1.83 57.81 3 .62-.76 .70 
F11 1.37 1.78 59.59 3 .70-.71 .63 

F12 1.21 1.57 61.16 3 .53-.65 .60 

F13 1.08 1.41 62.57 3 .58-.77 .74 
F14 1.01 1.32 63.89 3 .48-.73 .60 

 

 

4. CONCLUSION 

The study focused on developing a tool to measure school climate called the MoSCI. The study’s 

conclusions are as: first, the findings showed relationships among the experimental variables, and the number 

of items for each factor is sufficient. Second, the study found that the proposed items determined 14 

independent factors. Specifically, these factors are related to the perceived school climate of teachers and 

represent professional development and support (F1), teacher-student-student interactions in class (F2), 

compliance with school rules (F3), teacher commitment to the job (F4), lack of effective communication in 

class (F5), learner-centered teaching practices (F6), teacher commitment to curriculum implementation (F7), 

homework strategies (F8), assessment strategies (F9 and F12), lack of resources in class (F10), lack of times 

for interaction and feedback (F11), direct instructional model-based teaching practices (F13), and teacher-

centered teaching practices (F14). The factor with the highest variation is “professional development and 

support”. Factors F6, F10, and F13 are related to teaching strategies, while F2, F5, and F11 are more related 

to teacher-student-student interaction. However, factors F8, F9, and F12 represented teachers’ evaluation and 

feedback strategies, while factors F4 and F7 represented the teachers’ commitment. Third, the internal 

consistency of all factors is good. 

The results indicate the alignment of identified school climate domains, including academic, safety, 

and institutional environment. Specifically, factors F1, F2, F6, F8, F9, F12, F13, and F14 represent 

dimensions of the academic domain, factors F7, F10, and F11 correspond to dimensions of the institutional 

environment, while factors F3, F4, and F5 correspond to dimensions of the safety domain. The study’s 

overall results suggest that the proposed MoSCI inventory is a validated measurement tool to examine 

teachers’ perceptions of the school climate in Mongolian secondary schools. 
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This study is innovative in developing a new measurement model for a school climate as perceived 

by teachers of secondary schools in Mongolia. MoSCI can be a valuable tool for evaluating the institutional 

climate of a school through teachers’ perceptions and for supporting further intervention for overall school 

improvement nationwide. In this study, we developed items that represent the school climate by teachers and 

presented the results of studying only the factor structure. The study used only EFA to identify the factor 

structure. This approach has its limitations. Therefore, further research is needed to explore the consistency 

across different populations of the MoSCI and the structural validity of the model with CFA. Additionally, it 

is necessary to study the impact of the school climate on student learning, achievement, and behavior, as well 

as the relationships between the school climate and other variables of effective schooling. 
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